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Abstract  

Background Big Data Analytics take place in almost every sector of new business            

world. Nowadays, banks are also adopting Big Data to handle the huge            

number of data that generate every day. Big Data helps banks to provide             

a fast, personalised service in a cost efficient way. On the other hand,             

Big Data has some privacy issues as it deals with a lot of data that can                

be decoded by third party. It is also the case in online banking as it is                

involved with personal and financial information. Privacy concerns also         

vary among different cultures. 

 

Purpose The purpose of this cross-cultural study is to investigate online privacy           

concerns in the context of Big Data 

 

Methodology A quantitative approach has been followed and data were collected          

through an online survey to understand the relations between variables. 

 

Conclusion The findings indicate that the relationship between the privacy concern          

and its antecedents differ between France and Bangladesh. Though for          

both countries, the desire upon transparency showed a significant         

positive relationship with online privacy concerns. Additionally, for        

both countries a high privacy concern will not conduct to lower           

consumer trust and consumer engagement in online baking. The         

findings involving moderator variables were not significant at al 

Keywords Privacy Concern, Big Data, Online Banking, Trust, Engagement,        

Culture. 
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1 Introduction 

1.1 Background 

This decade is a critical transition time, where a large part of our world tends to be more and more                    

connected thanks to the advancement of IT, increase of cloud computing, and the Internet of Things                

(IoT) as well (Chen et al., 2014; Hofacker et al., 2016). They further add that digital activities take                  

more and more place in consumers’ life, and consumers feel more comfortable by consuming              

digitally. Extensive use of social media and online platform such as Twitter generates data every               

day (Sagiroglu & Sinanc, 2013). Besides, industry such as media like Netix or The Economist               

uploading their all content in their online site for their consumer (Hofacker et al., 2016). Similarly,                

in all areas, the use of data is increasing on an incredible scale over the last two decades (Chen et                    

al., 2014). This increase has introduced a specific term which is called “Big Data”. The era of Big                  

Data is evolving every day and a lot of disciplines are interested to access to this wide database such                   

as physicians, mathematicians, sociologists and other fields (Boyd & Crawford, 2012). According            

to Chen et al. (2014), Big Data is an enormous dataset that includes masses of unorganized data                 

which need real-time analysis and it brings new opportunities by exploring upon unidentified             

values, and helping to understand these hidden values. In addition, banking and financial             

professionals have characterized Big Data as a specialized mechanism that can assist banks,             

financial firms by generating and taking care of a generous dataset in a fixed period of time                 

(Srivastava & Gopalkrishnan 2015). The global IP data traffic by petabytes per month from 2017 to                

2021 is expecting to increase with a compound annual growth rate equals to 22.95% (Statista,               

2015). It is further added in this report that the Big Data size revenue forecast worldwide is                 

estimated to pass from 22.6 $ billion in 2015 to 65.2 $ in 2021. 

 

Hofacker et al. (2016) state that Big Data is one of the top topics in the business and academic                   

world, when the cost of storing data dropped below the cost of deleting it. Big data mainly consists                  

of five main dimensions called “5 V’s”: Volume, Velocity, Variety, Value and Veracity (White,              

2012; Wamba et al., 2015). John Walker (2014) point out that it is not the volume of the data which                    

is the most important but “it’s the big culture changes that it suggests will be needed in its wake”                   

(p.182). One of those changes is related to privacy issues and it is important for market research to                  

be at the forefront of this challenge (Nunan & Di Domenico, 2013). Nowadays, privacy concerns of                

Big Data is underway and studies tend to focus on social web, consumer perspective and               
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government uses of Big Data (Boyd & Crawford, 2012; Smith et al, 2012). Many studies have                

focused their investigations on privacy concerns in industry such as healthcare, new media (Yang &               

Kang, 2015; Changchit & Bagchi, 2017). In addition to healthcare, sectors such as banking, public,               

manufacturing and personal location are the main industries which benefit through the use Big Data               

(Manyika et al., 2011). Besides, online banking sector is considered as one of the potential industry                

which has close interrelation with consumer privacy, information security, trust, and           

commitment/engagement (Casaló et al., 2007; Roca et al., 2009; Wu et al., 2012). According to Ion                

(2011), as data is moving from desktops to online storage systems like Google docs, the security                

and privacy issues of cloud storage have become a prominent issue for governments, organizations              

and consumers as well. Consumers are more concerned about the unstructured type of data such as                

e-mails, message or any kind of written documents, images, audio which are very sensitive in the                

context of privacy issues as this kind of data can contain personal information or intellectual               

property (Kshetri, 2014). Wu et al (2014) argue that when developing algorithms which aim to               

improve Big Data base, one of the main challenge is to take into account security and privacy issues                  

in order to respect the consumers' privacy. Indeed, privacy issues regarding online uses is not a new                 

concept but the phenomenon of Big Data amplifies the focus upon this concept which becomes an                

important topic to further exploration (Matturdi et al., 2014). Privacy concerns could be defined as               

“consumers’ beliefs, attitudes and perception about their privacy” (Martin & Murphy, 2016, p-136).             

One of the main key of privacy concerns for online users is to have the possibility to be anonymous                   

when surfing through the web or responding to somes surveys (Wu et al., 2014). It is further added                  

that in order to respect the consumer privacy, encrypted data should be used and an adoption upon                 

some basic privacy-preservation approaches as well. Several studies have based their investigations            

on culture by using one or more dimensions from Hofstede’s model in order to investigate on                

privacy concerns in a consumer perspective (Bellman et al., 2004; Hofstede, 2011; Krasnova et al.,               

2012; Miltgen & Peyrat-Guillard, 2013; Yang & Kang, 2015).  

 

1.2 Problem Discussion  

Some studies discuss the need to examine the interrelation in online banking industry between              

privacy concerns and trust and engagement as well, in a consumer perspective (Casaló et al., 2007;                

Roca et al., 2009; Wu et al., 2012). According to Yap et al. (2009), online banking generally refers                  

to Internet-based banking or e-banking which is the most growing banking format over the last               
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years and become an interesting sector to investigate in. Additionally, in order to catch more               

benefits and strengthen the reputation through the use of´online banking, banks have to consider              

their protection strategy by allowing consumers to access to their information (Lee et al., 2013).               

Thus, it is indirectly suggested by Lee et al. (2013) to investigate into the consumers’ perception                

upon the use of their personal information by banks and how it impacts their privacy concerns.                

Moreover, Casaló et al. (2007) come up with the result that privacy and security have a strong                 

connection with consumers’ trust in the banking sector and this trust plays a key role to build a                  

long-term relationship with firms. On the other hand, Roca et al. (2009) claim that a strong security                 

system of online transaction and consumers’ personal information increase the trust of that firms.              

Further, Wu et al. (2012) end their study by arguing that a strong privacy policy in online service                  

has a close relationship with consumers’ trust. Indeed, Morey et al. (2015) establish that 76% of                

consumers mentioned that bank is “trustworthy” regarding the safety of their personal data and that               

bank will not use these data without their permission. Thus, these studies suggest examining the               

impact of privacy concerns towards trust in the online banking industry. Besides, many researchers              

discuss the growing importance of Big Data in the modern banking system and the need to further                 

exploration (Manyika et al., 2011; Yurcan, 2015; Dominic et al., 2016). According to Yurcan              

(2015), updated technologies such as cloud and software-based system help banks to structure and              

organize their data in order to operate their overall process, especially having the massive data in                

the faster way. Indeed, the market share of Big Data and business analytics revenues in 2016 of the                  

banking industry are expected to reach 13.1% (Statista, 2015). Big Data is helpful for every kind of                 

banks as well to analyze their valuable data (Yurcan, 2015).  

 

Furthermore, it is further argued that the degree of acceptance towards privacy regulation among              

consumers vary depending on the country of origins (Bellman et al., 2004). Krasnova et al (2012)                

discuss the Hofstede’s cultural dimensions “individualism/collectivism” and “uncertainty        

avoidance” to have an effect on trust and privacy concerns. It is further developed by Lowry et al.                  

(2011), that uncertainty avoidance and collectivism are the two cultural dimensions with the most              

important impact on privacy concerns by increasing it. Even if data from the Hofstede’s model               

were carried out more than 45 years ago, it is still relevant to use this model in a cross cultural                    

context as temporal aspect shouldn’t be a reason to question validity and relevance of Hofstede’s               

model (Beugelsdijk et al., 2015). In addition, Casaló et al. (2007) suggest to investigate the link                
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between the role of privacy towards trust in a cross-cultural study. In Greece, it was analyze that                 

consumer engagement towards banks could be improved through an improvement of consumers’            

satisfaction, convenience and loyalty (Giannakis-Bompolis & Boutsouki, 2014). It is further added            

in this research to look for a new investigation on consumer engagement towards other banks.               

Martin and Murphy (2016) further describe the need to continue research on the aspect of               

understanding the link between cross-culture and cross-nations variation of privacy concerns across            

consumers. As Palfrey and Gasser (2008) discuss online privacy concerns vary among different             

countries, thus it is important to investigate in order to find how these concerns change from one                 

country to another. Additionally, Thomson et al. (2015) argue that societal differences play an              

important role on privacy concerns. Cho et al. (2009) express that differences exist between              

Western and Asia countries regarding online privacy concerns. The need to investigate in an              

underdeveloped country is also highlighted by Yap et al. (2009) which suggest to examine the               

relation between trust and privacy concerns in online banking industry. 

 

Then, it is also highlighted that there is a lack of research concerning consumer privacy concerns,                

especially to identify which level of intrusion is acceptable in a context of growing uses of Big Data                  

(Abbasi et al., 2016). Considering Big Data, there is a need to understand and identify in which                 

circumstances consumers can engage towards a firm such as investigating privacy concerns in a              

consumer perspective (Kunz et al., 2017). A previous research mentioned that the use of Big Data                

and its functions will help to increase the understanding of the news insights generate by new                

consumer engagement initiatives in order to create value for both companies and consumer, and              

thus more investigations are needed (Davenport et al., 2012). Besides, an article mention that data               

privacy has a huge impact on Big Data execution and there is a need to further explore this issue in                    

consumer perspective in order to better understand consumers and therefore adapt their policies to              

satisfy consumers’ expectations and respect laws as well (Wamba et al., 2015). Nill and Aalberts               

(2014) further mention that there is a need to further investigate on Big Data especially the effects                 

of online behavioral tracking towards privacy concerns in ethical and consumer perspective.            

Finally, Sagiroglu and Sinanc (2013) further discuss about the “the critical issue of privacy and               

security of the Big Data is the big issue”  (p.47) that needs to be investigated.  
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1.3 Purpose  

The purpose of this cross-cultural study is to investigate online privacy concerns in the context of                

Big Data. 

 

This study investigates the determinants of online privacy concerns. Additionally, the presented            

research investigates the relationship of online privacy concerns towards trust and engagement. The             

present research also analyzes the consumer online privacy concerns amplified by Big Data in the               

online banking industry. France and Bangladesh were chosen to identify a potential difference in              

consumer perception. 

 

1.4 Research Questions 

Considering the importance of Big Data and privacy concerns nowadays, and the gap on consumer               

trust and engagement combining cultural aspects, this research desires to answer in a cross-cultural              

perspective three main research questions which are: 

RQ1. What is the relationship between privacy concerns and its antecedents in the context of Big                

Data within online banking?  

RQ2. What is the impact of online privacy concerns (OPC) on trust and engagement in Big Data                 

context within online banking? 

RQ3: Is there a cultural moderation influence on the relationship of online privacy concern towards               

trust and engagement in the context of Big Data within online banking? 

 

1.5 Delimitation 

There are many areas and many industries, which are covered by Big Data, throughout this thesis                

the authors focus on privacy concerns generate by Big Data in online bank industry. This research                

aims to investigate the consumer perspective, a dual perspective (firm-consumer) should have be             

done. Furthermore, the Hofstede’s Model is used but it was decided to focus on two cultural                

dimensions which are Individualism/Collectivism and Uncertainty Avoidance as it was well related            

to privacy concerns (Krasnova et al., 2012). 
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1.6 Outline of the study 

This research includes six chapters which are shown in Figure 1. The first Chapter discusses the                

background to the study, the problem discussion and motivation related to this research, purpose,              

research questions and delimitations as well. Afterward, a theoretical framework based on the             

relevant and current literature review is carried out in Chapter 2. Chapter 3 describes the               

methodology used in this study such as data collection and sampling. Regarding Chapter 4,              

empirical findings are presented. Then, in Chapter 5, an analysis is employed and a comparison               

between theories and our findings as well. The last Chapter is dedicated to summarising the whole                

research, discussions about the managerial and academic contributions, limitations and further           

recommendations related to field exploited in this study. 

Figure 1: Thesis structure 
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2. Theoretical Framework  

2.1 Privacy and Perceived Benefits of Big Data (PBBD) 

Consumer perception is defined as a subjective process where people interpret differently            

information given by the same stimulus (Thang & Tan, 2003). Besides, consumer perceptions of              

threats regarding organizational practices could be reduced by an acceptable information flow            

provided by companies, and it will conduct to lower individuals’ privacy concerns (Xu et al., 2011).                

Then, consumer’ perceived benefit deals with hedonism and enjoyment, and it is defined as a belief                

about the extent in which consumers may perceive cost savings, times saving or increased              

convenience. (Forsythe et al., 2006; Kim et al, 2008). Additionally, the consumer’ perceptions             

differ among countries (Thakor, 1996). Thus, in this thesis, consumers’ perceived benefits is             

adapted to the consumers’ perception of Big Data Analytics used by banks.  

 

The use of Big Data Analytics by banks could be positively perceived and it will decrease privacy                 

concerns (Guangting & Junxuan, 2014; Le & Liaw, 2017). According to Guangting and Junxuan              

(2014), the perception of Big Data involves transparency regarding advanced analysis such as to              

develop personalized services. Comparatively, in Big Data area, consumers are dealing with            

problems related to personal data collection, unapproved secondary use, unacceptable access which            

generate privacy concerns in online banking (Tan & Pivot, 2015; Eastin et al., 2016). The               

increasing number of data which is creating by sensing technologies, identification/security readers            

are contributing to the growing concerns among consumers’ perception on Big Data, as data can               

disclose their financial information and intellectual properties (Eastin et al. 2016, Tan & Pivot,              

2015). Moreover, Tan and Pivot (2015) argue that there are four main stakeholders of information               

in Big Data era, and consumers are the weakest group who do not have control over their personal                  

data. Even if, consumers benefit a better service due to Big Data, they have to compromise their                 

privacy more or less (Tan & Pivot, 2015). Furthermore, Eastin et al. (2016) claim that there is a                  

relation between privacy concerns, online trust and e-commerce engagement in this Big Data             

generation. 

 

2.2 Privacy and Online Behavioral Tracking (OBT) 

Nill and Aalberts (2014) have defined OBT as a “direct spinoff of direct marketing” (p.127) and it                 

consists of observing and analyzing consumers’ online behavior in order to send appropriate and              
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personalize messages to consumers, based on their online activity. OBT is similar to online              

behavioral advertising (OBA) which means a sort of targeted advertising (Smit et al., 2014).              

Besides, the collection of data such as demographic and geographic data allows marketers to deliver               

a personalized advertisement (Bang & Wojdynski, 2016). To collect these data, many online             

retailers allow a third-party such as advertisers to use “cookies” which are small messages allowing               

to enter to computer´users in order to track their online consumer behavior (Jai et al., 2013).                

According to Smit et al. (2013), people have a lack of knowledge regarding online tracking               

especially concerning these cookies, generating a negative impact on privacy concerns. Nil and             

Aalberts (2014) describe that OBT and privacy concerns have a negative relationship, and create              

distrust toward consumers’ perception. In other words, the use of OBT by companies in an               

offensive way such as not disclosing clearly that they use private information without consumers’              

permission will aim to decrease the trust. 

 

It is further discussed that when consumers are aware of the use of OBT, they are more likely to feel                    

that they will gain fewer benefits than marketers/advertisers, thus they can feel that they are               

manipulated by the company and it will decrease consumer engagement and consumer trust (Alreck              

& Settle, 2007; Martin & Smith, 2008; Milne et al. 2009; Nil & Aalberts, 2015). However, other                 

studies mention that the negative perception of OBT could be reduced by a clear disclosure, and the                 

opportunity to accept or not to be tracked by third-party and companies (Miyazaki, 2008; Jai et al.,                 

2013). Additionally, highlighting benefits of OBT such as targeted ads could help to reduce this               

perception (Melicher et al., 2016). However, in online banking consumers may sometimes disable             

OBT due to privacy concerns (Scharkow, 2016). The continuity use of OBT may affect fewer               

privacy concerns in Asia than in Western countries (Kshetri, 2016). In European countries, reducing              

privacy concerns through the use of OBT could be achieved by disclosing information about OBT               

and limited the “worries” of this practice (Kshetri, 2016). Thus, when there is a negative perception                

of OBT from consumers, it may increase the privacy concerns (Jai et al., 2013; Nil & Aalberts,                 

2015; Scharkow, 2016). 

 

2.3 Privacy and Perceived Security of Cloud Storage (PS) 

Cloud computing or cloud storage systems help users to manage their data into the “cloud” in an                 

“on demand” manner and cloud computing is associated with Big Data(Wang et al., 2010; Ji et al.,                 
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2012). Ion et al., (2011) discuss that cloud storage has some privacy threats by disclosing the end                 

users private information. Many researchers discuss the perceived security of cloud storage and             

illustrate this concept as a very complex issue (Ackermann et al. 2012; Shin & Shin 2011; Rong et                  

al. 2013). In addition, Shin and Shin (2011) define perceived security as a belief of consumer that                 

convince him to use a specific function with risk-free manner. Regarding online platform, perceived              

security refers to the consumer feeling towards an online transaction (Shin & Shin 2011).              

Additionally, perceived security involves confidentiality, security, and privacy concerns (Rocha et           

al. 2011; Puttaswamy et al., 2011; Shin & Shin 2011). The perceived security risk of cloud storage                 

becomes a prominent topic as this factor could affect the consumers’ safety perception through the               

involvement of third-party service and deals with consumers’ IT security perception (Wang et al.,              

2010; Ion et al., 2011; Ji et al., 2012; Ackermann et al., 2012; Rong et al., 2013). 

 

Cloud storage is connected with security and privacy as its ‘multi-tendency issue’ deals with the               

unofficial access of alternative users (Rong et al. 2013). Private organizations are trying to improve               

their cloud storage system in the context of data confidentiality as it has a privacy concern and                 

become a great challenge in Big Data era (Rocha et al. 2011; Puttaswamy et al. 2011;                

Machanavajjhala & Reiter 2012). On the other hand, Ion et al. (2011) claim consumers’ mental               

attitude over cloud storage or modern storage is significantly different in bank industry. Indeed,              

most of the banks gain benefits from Big Data as they are storing and evaluating consumers                

information and transferring information to the valuable asset (Srivastava & Gopalkrishnan 2015;            

Ion et al., 2011). The individual’ perception and expectation of privacy in the context of cloud                

storage systems differ among countries, policies, and international cloud privacy bodies (Ion et al.,              

2011). When the perception of the cloud storage system is negative it will tend to increase privacy                 

concerns (Wang et al., 2010; Ion et al., 2011). 

 

2.4 Privacy and Use of Personal Information (PI) 

In the context of online activities, the privacy and security of personal information are associated               

with some critical issues like unauthorized access of personal information or unwanted exposure of              

private data which conduct to have some effects on consumer’ privacy regarding this illegitimate              

access (Nam et al., 2006; Casalo´ et al., 2007) . Additionally, disclosing personal information              

depends on individuals’ personality (Bansal & Gefen, 2010). Consumers’ often try to share their              
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information when they can provide their permission (Chen & Rea, 2004). Indeed, disclosing             

personal information can be harmful to them in the physical and psychological way as they think                

that they often have less control (Bansal & Gefen, 2010; Chen & Rea, 2004). In online banking,                 

people feel insecure when they share information such as with online transaction, and as a result, it                 

becomes an issue which deals with consumers’ privacy (Nam et al., 2006; Casalo et al., 2007). 

 

Similarly, Srivastava and Gopalkrishnan (2015) state that for delivering an improved service, banks             

are enforcing Big Data analysis by gathering information without causing more security concerns.             

One of the reasons is that online banking is coming forward privacy-related issues due to the                

potential fraudulent practice of consumer personal data (Casalo´ et al., 2007). However, Wu et al.               

(2012) claim that when consumer discloses personal relation, they generally do a ‘risk-benefit’             

calculation and take into account the information handling practice of the organization. Wu et al.               

(2012) added that privacy policy made by organizations could brake consumers’ to disclose their              

personal data. Additionally, Joinson et al. (2010) discuss that the willingness to disclose personal              

information to an online platform depends on their privacy concerns. In this study, it is discussed                

that if willingness of disclosing personal information is high, it refers low privacy concerns and it is                 

also depending on perceived privacy and trust as well.  

 

2.5 Privacy and Transparency by the Banks (T) 

According to Ball (2009), though the meaning of transparency has many metaphors, it is defined as                

a complex tool in the case of organizational use and it is related with accountability, liability,                

capability, and efficiency/readiness. Moreover, transparency is also involved with continuous          

intense intercommunication between organization and stakeholders (Vaccaro & Madsen, 2009).          

Therefore, companies have to carry out some actions in order to verify if consumers understand               

their transparency policy and how they use consumers’ information (Nil & Aalberts, 2015).             

However, Granados and Gupta (2013) stated that some organizations are not transparent regarding             

the treatment of consumers information such as with the information accessed by the third party.               

Thus, it appears that consumers highly expect to be well informed about their online activity and                

how their data are used by the firm (Granados & Gupta, 2013). 
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Moreover, Awad and Krishnan (2006) note that for a better improvement of consumer service,              

organizations are collecting personal information from actual and potential consumers, which           

increase the awareness of consumers’ information transparency. Additionally, Janssen and Hoven           

(2015) state that transparency and privacy are interdependent and it is not possible to have complete                

transparency or complete privacy. However, Awad and Krishnan (2006) further claim that            

consumer who has concerns about privacy and transparency are not willing to give their personal               

information to organizations and have a desire to profiled in the online platform. Regarding the               

utilization of data, it seems that transparency is a major key to maintain privacy (Sackmann et al.,                 

2006). In addition, low transparency practices may conduct to increase privacy concerns among             

consumers (King & Raja, 2013). As it is further mentioned, the more a consumer will have the                 

desire for transparency the more it will increase his privacy concerns (Awad & Krishnan 2006). 

 

2.6 Privacy and Reputation of Banks (R) 

The reputation has a property which is an intangible and complex subject that express what people                

mostly said and trusted about a character (Buckley & Nixon, 2009; Marwick et al., 2010).               

However, reputation is important for organizations as it aims to make a clear ‘identity’, though this                

concept depends on many factors like efforts, labor, the exercise of talent (Marwick et al., 2010).                

An organizational reputation is the overall interpretation of a firm made by stakeholders in terms of                

good or bad, safe and trustworthiness (Caruana & Ewing, 2010; Walker, 2010). Additionally,             

reputation is the result of consumers’ experience, firm’s actions and trustworthiness (Caruana &             

Ewing, 2010; Li, 2014). Furthermore, Li (2014) notes that companies’ reputation gives to             

consumers the idea about how they hold their consumer's personal information. Indeed, positive             

reputation has significant benefits as it raises the possibility that consumers will engage with the               

firms for a long-term (Caruana & Ewing, 2010; Walker, 2010). 

 

Besides, it occurs that one organization may have a good reputation for its service quality but might                 

have a bad reputation for its corporate governance (Walker, 2010). However, Buckley and Nixon              

(2009) note that reputation is an essential matter in the banking sector as it deals with their                 

consumers’ money. As a matter of fact, the online infrastructure of a firm, like a website, give to                  

stakeholders an idea about its overall reputation and it has an explicit relation with consumer’s               
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privacy issue (Li, 2014). Another research mention that a strong reputation will negatively influence              

privacy concerns (Eastlick et al., 2006). 

 

2.7 Consumer Engagement (E) 

In the marketing review, consumer engagement is mainly described as a process which includes an               

emotional, behavioral and psychological connection between companies and consumers to foster           

brand loyalty (Bowden, 2009; Van Doorn et al., 2010; Brodie et al., 2013; Kunz et al., 2017). In                  

addition, Ashley et al. (2011) discuss the information sharing process between marketer and             

consumers, causing the emergence of privacy concerns in the context of organizations’ consumer             

engaging program. Taylor et al. (2009) argue that privacy concerns have a negative impact on the                

intention to commit to a certain behavior such as spreading a good opinion towards the usefulness                

of an online service. Failure of managing proper consumers’ privacy system can decline the              

efficiency of consumer engagement process or responsiveness and thus, organizations may have to             

price for this (Ashley et al., 2011). The outputs of consumer´engagement strategy for financial              

services such as banks could be to increase the profitability of existing consumer base, increase               

corporate performance, and to catch financial profits and loyalty as well (Brodie et al., 2013; Goyal                

& Srivastava, 2015; Kunz et al., 2017). 

 

Furthermore, the online commitment as the continuance engagement of consumers towards an            

online retailer and it is noticed that consumer engagement has a positive relationship with consumer               

perceptions of the online retailing ethics which include security, privacy, fulfillment/reliability,           

service recovery, non-deception (Elbeltagi & Agag, 2016). Youn (2009) notes that various            

marketing program of companies’ collects people's personal information for engaging them but            

many consumers don’t know the actual intention behind this collection of their information and              

because of that privacy concerns come forward and consumers intend to adopt risk-reducing online              

behavior. 

 

2.8 Trust (TRU) 

Trust in the online area is a very challenging topic as consumers don’t have a direct physical contact                  

with the service provider (Hong & Cho, 2011, Park et al., 2012). Thus, in ‘e-business’, trust aim to                  

reduce the perception of insecurity, as security and privacy are the biggest barriers to online               
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businesses (Hong & Cho, 2011). Kosa (2010) further develops that trust is more involved with               

human behavior whereas privacy is more associated with human intercommunication but both            

become influential subject to deal with our modern society. Similarly, Bansal et al. (2015) note that                

trust has a relationship with privacy concerns when an individual has trust on an online platform, its                 

privacy concerns are relatively low and it will lead to disclosing personal information and when               

privacy concerns are high there is a critical trust issue. Bansal et al. (2016) indicate that there is an                   

interdependence between trust and privacy, especially in the case of online banking. Trust comes              

into the scene when issues arise about disclosing personal information and users’ lack of control in                

online platform come out and for this consumer could face financial trouble or abasement of               

confidential kinds of stuff (Bansal et al. 2016).  

 

Moreover, online banking could suffer from a lack of trust as it is connected with the fear of                  

hackers, disclose of private information and many others uncertainties (Yap et al., 2009). On the               

other hand, Park et al. (2012) claim that trust is influenced by cultural dimensions like uncertainty                

avoidance, individualism but it is not identified which dimensions affect the most the consumer              

trust. 

 

2.9 Hofstede’s Cultural Dimension 

Hofstede (2011) proposed six cultural dimensions which are individualism/collectivism, uncertainty          

avoidance, power distance, long-term/short-term orientation, indulgence/restraint and       

masculinity/femininity. This study is focused on two dimensions, individualism-collectivism and          

uncertainty avoidance as many researchers mention that this two cultural dimension has linked with              

online privacy concern, trust and consumer engagement (Park et al. 2012; Kong, 2012; Hwang &               

Lee 2012; Nguyen, 2014; Gupta et al., 2018) 

 

2.9.1 Individualism/Collectivism (C)  

An individualistic culture is related to the concern of individuals to take care of themselves               

involving personal rights, intention and concerned about their privacy (Hofstede, 2011; Hoorn            

2014). Then, collectivism lies in the society where people are more unified with society, preferring               

extended family including grandparents, uncles and devoted to their own group (Hofstede, 2011;             

Brewer & Venaik, 2011). In addition, Nguyen et al., (2014) claim that individualism and              
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collectivism have a deep impact on consumer engagement as consumer response in the context of               

price, service, reputation, communication, and personalization varies from culture to culture.           

Indeed, individuals in collectivist cultures tend to have more engagement and a stronger             

relationships with other people and institutions (Lowry et al., 2011). Furthermore, Zeffane (2017)             

mentions that trust differs from individualistic society to collectivistic society, and the affiliation             

between trust and individualism is more favorable. There is still an ongoing discussion regarding              

privacy concerns in individualistic societies but it was discussed that France tend to focus more on                

the responsibility aspect rather than trust (Miltgen & Peyrat-Guillard, 2013). It was further             

developed that it exists generational influences on privacy concerns as younger people tend to              

prefer to handle their personal data management and trust the legal protection. In addition,              

collectivistic societies such as China, tend to have more information privacy concerns on the use of                

self-disclosure technologies (Lowry et al., 2011). Krasnova et al. (2012), argue that individualism             

is one the main cultural dimension which has an effect on privacy concerns. Regarding this cultural                

dimension, in Bangladesh the score reaches 20 while in France the score is 71 (Hofstede Insights,                

2018). It means that Bangladesh is a collectivistic society with a preference for long-term              

commitment, and loyalty seems to be a paramount value. In contrary, France reaches a high score,                

meaning that it is an individualistic society where self-image and self-emotional orientation take a              

major place in its system-value. 

 

2.9.2 Uncertainty Avoidance (UA)  

Uncertainty avoidance relates to the culture’s resistance or patience for uncertainty and it generally              

refers to the members of a specific community reaction or feeling in an unusual situation (Hofstede,                

2011; Kong, 2012). Hofstede (2011) mentions that members who belong to an uncertain avoiding              

culture, might try to cope with this kind of situation by sticking rules and codes. Similarly, Hwang                 

and Lee (2012) mention that where uncertain avoiding is strong, members of that society feel               

vulnerable by any kind of unfamiliarity and therefore, people have hesitation, avoid conflict and              

feel unease. Similarly, Hwang and Lee (2012) note, in online trust, that uncertainty avoidance can               

be a significant moderator. Furthermore, consumer engagement process alters with the culture as             

the character of cultural dimension also varies from culture to culture, especially with uncertainty              

avoidance (Gupta et al., 2018). It is discussed that uncertainty avoidance tends to increase positively               

information privacy concerns and online awareness as well (Lowry et al., 2011; Hofstede Insights,              
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2018). According to Krasnova et al. (2012), “low level of uncertainty avoidance leads user to ignore                

their privacy concerns” (p.134). Furthermore, the score of uncertainty avoidance in Bangladesh            

reaches 60 while in France the score worth 86 (Hofstede Insights, 2018). With this very high score,                 

people in France tends to prefer to have all information before carrying out something or to engage                 

somewhere. As it is a high individualistic culture, it emphasizes the need for regulations and rules                

as well. Even if Bangladesh has a high score, regulations are less important than security which is                 

really prominent. The value of work is fundamental and rigid structure as well. 
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3. Conceptual Framework 

3.1 Conceptual Model 

 

 

 

 

Figure 2: Conceptual model in the online banking industry for the second-construct of privacy concerns on trust and                  

engagement through the use of Big Data in a cross-cúltural context (Ínspired by Elbeltagi and Agag, 2016) 

 

3.2 Hypotheses 

Firstly, according to Eastin et al. (2016), there is a relation between privacy concern and the                

perceived benefits of Big Data. It is further indicated that this relationship is negative and the                

reduction of consumers perception threats or a positive of Big Data could decrease the privacy               

concerns (Xu et al., 2011; Tan & Pivot 2015). Based on the previous study, an issue aspires with                  

online behavior tracking, when consumers show a positive interest in OBT, it will lead to lower                

privacy concerns (Jai et al., 2013; Nil & Aalberts, 2015; Scharkow, 2016). ´Then, it was discussed                

that when consumers’ have a positive perception of cloud storage security system they will not have                

a higher privacy concern (Wang et al., 2010; Ion et al., 2011). Similarly, Joinson et al. (2010) claim                  

that a lower level of privacy take place when there is a high willingness to disclose personal                 

information. On the other hand, Awad and Krishnan (2006) state that a higher desire for               
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transparency reflects a higher privacy concern. Lastly, a study of Eastlick et al., (2006) directly               

indicate that consumers have lower privacy concern when the reputation of that organization is              

high.  

Based on discussed theories, the authors of this paper proposed the following hypothesis: 

H1a: The more positive the perception of the use of Big Data by banks is (PBBD), the lower is the                    

privacy concerns for consumers.  

H1b: The more positive the perception of online behavioral tracking is (OBT), the lower is the                

privacy concerns for consumers. 

H1c: The more positive the perception of security upon cloud storage is(PS), the lower is the                

privacy concerns for consumers. 

H1d: The more positive the willingness to disclose personal information is (PI), the lower is the                

privacy concerns for consumers. 

H1e: The more positive the desire for transparency is (T), the higher is privacy concerns for                

consumers. 

H1f: The more positive the reputation of the bank is (R), the lower is privacy concerns for                 

consumers. 

 

Many researchers argued on the critical relationship between trust and privacy concern as there are               

some mishandling of personal information controversy arise in last few years (Bansal et al. 2016,               

Kosa 2010). The interrelation between trust and privacy concern was confirmed by some research              

but privacy concern in the online platform is more critical as gaining trust in online is a still                  

complicated problem to deal with (Kosa, 2010; Bansal et al., 2016). Additionally, It is further               

developed that in the online platform consumer privacy concerns will negatively impact trust             

(Eastlick et al., 2006; Bansal et al., 2015). For these reasons, authors of this papers recommended                

the following hypothesis:  

H2: The more positive the online privacy concerns are, the lower is the trust (TRU) in online                 

banking. 

 

Earlier it is mentioned that consumer engagement has a positive relation to security and privacy               

issues regarding responsibility and integrity of the company but it has not investigated the              

relationship between engagement and the consumer´online privacy concerns in general (Elbeltagi &            

 

22 
 



 
 
Agag, 2016). As controversial personal information collecting method of marketers for engaging            

actual and, potential consumers arise the importance of consumers privacy question (Youn 2009,             

Ashley et al. 2011). Taylor et al. (2009) argue that consumer privacy concerns have a negative                

impact on the engagement. Thus, the following hypothesis is proposed: 

H3: The more positive the online privacy concerns are (OPC), the lower is the engagement (E) in                 

online banking 

 

By the discussion of Miltgen and Peyrat (2013) and Lowry et al. (2011) it is assumed that there is a                    

strong connection between privacy concern with individualism-collectivism dimensions and on the           

other hand, Zeffane (2017) claimed trust is highly correlated with collectivistic culture rather than              

with individualist culture. So after considering trust, privacy concern and cultural dimension            

context, authors presented another hypothesis:  

H4: The degree of individualism moderates the relationship between privacy concerns and            

consumer trust 

 

As the authors of this paper discussed earlier that individualism has a relation with consumer               

engagement (Nguyen, 2014) as consumer response differ from culture to culture such as with              

personalization, reputation etc. By considering this discussion, authors of this papers proposed the             

following hypothesis: 

H5: The degree of individualism moderates the relationship between privacy concerns and            

consumer engagement 

 

Many researchers including Kong (2012), and Hwang and Lee (2012) mention the critical relation              

between trust and uncertainty avoidance. The members of strong uncertainty avoidance cultures            

don’t intend to take the risk or don’t trust anything easily, and establishing trust in the online                 

platform is more crucial (Kong, 2012). Additionally, Krasnova et al. (2012) also mention that the               

culture who have less strong uncertainty avoidance, generally they have less worried about privacy              

than who have high uncertainty avoidance. All things considered, authors came up with the              

following hypothesis: 

H6: The degree of uncertainty avoidance moderates the relationship between privacy concerns and             

consumer trust 
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Lastly, Gupta et al. (2018) note consumer engagement process differs from cultures and also              

mentioned Hofstede’s model (2011) cultural dimensions as important to take in consideration.            

Uncertainty avoidance is a significant cultural dimension of Hofstede’s model (2011), under those             

circumstances, authors proposed following hypothesis: 

H7: The degree of uncertainty avoidance moderates the relationship between privacy concerns and             

consumer engagement.  
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4. Methodology 

4.1 Research Approach and Research Design  

The common point of all research methodology is the representation of all beliefs, ideas, thoughts,               

concepts, facts and methods in order to collect data, analyze and manipulate these data in the best                 

way (Saunders et al., 2009). The core of this research was inspired by the model of Elbeltagi and                  

Agag (2016), and Hofstede (2011) as, the rest was based on the literature review and               

recommendations of many articles to investigate in Big Data and privacy concerns. As this study               

utilized previous research as its theoretical foundation, a deductive approach was carried out             

(Bryman & Bell, 2011). This study performed a quantitative approach as it aims to quantify data                

from France and Bangladesh in order to recommend an analysis from the chosen sample to the                

population within these countries. Therefore, as we wanted to numeralize our findings and get to the                

fact of the dissertation as well, the quantitative research was well appropriated (Bryman & Bell,               

2011). In addition, as the findings were generalized, quantification of the data was conducted to               

develop measurements through numbers and statistics in order to reject or not the hypotheses              

(Ghauri & Grønhaug, 2005: Bryman & Bell, 2011). The research questions and hypotheses             

developed in this research were an output of the literature review performed and were well               

appropriated for a deductive approach. Additionally, a descriptive approach was used in this             

research due to the need to identify and describe the variability among variables (Saunders et al.,                

2009). Authors of this thesis had found that descriptive research design was more adapted to               

describe the relationships between variables.  

 

4.2 Data Collection and Sample Description  

The research took place in Sweden as it is the University of the authors. A pre-test was carried out                   

in order to see if questions were understandable. Then, this study was carried out among French and                 

Bangladesh consumers aged 18 and above. Gender was also taken into account as it could have                

affected the results as privacy concerns differ from gender (Wu et al, 2012). It was interesting to                 

conduct the collection among these countries as there are the different cultural background and              

economic development of both countries. Additionally, France and Bangladesh were chosen as            

previous research explained the different perception towards online privacy concerns between           

Asian countries and Western countries, and between developed and underdeveloped countries as            

well (Bellman et al., 2004; Yap et al., 2009; Cho et al., 2009; Thomson et al., 2015). This research                   
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was conducted through both primary and secondary data as primary data are collected through              

survey and secondary help to interpret the findings (Bryman & Bell, 2011). 

 

Data were collected through convenience sampling by distributing an online survey on social             

networks such as Facebook (Bryman & Bell, 2011). Moreover, a probabilistic method sampling was              

used as it is well appropriated for descriptive research and allows authors to collect equally data                

from each sample (Saunders et al., 2009). As it is a quantitative research, it was more easy to catch                   

randomly selected respondents by using the social network as it provides a wide range of the                

population. In addition, one of the best way to generate a large number of responses within a short                  

period of time is to use online questionnaire (Saunders et al., 2009; Bryman & Bell, 2011).  

 

However, to determine the sample size, researchers followed a formula which was introduced by              

Green (1991). This formula is: ‘50+8m’ respondents, here 'm’ is the number of independent              

variables. In this paper, authors use seven independent variables so the formula looks like- 50+(8x7)               

= 106. Thus, according to this formula, 106 respondents at least were needed but authors received                

240 respondents survey result to conduct this research. The sample size covers both of the nation’s                

sample equally. 

 

4.3 Operationalization  

According to Emmerich et al, (2016), operationalization refers to an important part of quantitative              

research that specifies the procedure upon how to evaluate a theory which cannot be measurable in                

a direct way. In this paper, the operationalization (Appendix 1) formulated for the current research               

was based on literature review. The questionnaire followed Likert-scale questions. This scale            

consisted of seven-point Likert questions, from “1=strongly disagree” to “7=strongly agree”. The            

dependent variables in this research are consumer trust and consumer engagement. The main             

independent variable is privacy concerns, but it was decided to use this variable as a second                

construct created by six dimensions which are perceived benefits of Big Data, online behavioral              

tracking, personal information, perceived security of cloud storage, transparency and reputation. In            

addition, two moderator variables were included in this research, which is           

individualism/collectivism and uncertainty avoidance. These two moderator variables of the          

Hofstede’s cultural dimensions appeared as the two main cultural dimensions related to privacy             
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concerns in a Big Data context. Others questions related to personal characteristics were also              

included such as age, gender, occupation and educational level. 

 

4.4 Pre-Testing  

Before developing the final questionnaire, it is very important to conduct a pre-tasting for checking               

the validity of questionnaire otherwise it can create a major problem in survey research because               

respondent could misinterpret the questions (Hilton, 2015, Drennan, 2003, Gomes et al., 2016).             

Pretesting is a method that helps the researcher to improve the questionnaire by improving the               

quality of questions and make them understandable to the respondent (Drennan, 2003; Ghauri &              

Grønhaug, 2005; Gomes et al., 2016). A problematic questionnaire can create inappropriate            

findings, that is why to minimize the sampling inaccuracy and maximize the response rate,              

pre-testing is necessary (Hilton, 2015; Drennan, 2003). Additionally, Ghauri and Grønhaug (2005)            

noted that before going for the final survey, researchers should conduct a pretest within three to five                 

respondents in order to reduce minor mistakes. Thus, this research has conducted two different              

pre-tests, one was about sending the questionnaire to teachers and the other one to send it to five                  

people from each country. Regarding educational level, responses were collected among people            

with high school level to Ph.D. level. Based on feedbacks, some issues were fixed such as to reduce                  

the number of items as it appeared that this questionnaire was too long. Occupation and educational                

level were also included as control variables thanks to the comments from teachers. In addition,               

some questions were also removed as they were not understandable by the audience. Finally, for               

each variable used, the consistency between all items of the same construct was verified in order to                 

see if it was needed to reverse or to remove some questions.  

 

4.5 Data Analysis Method  

The research used SPSS which is a statistical software aiming to analyze data collected as it is used                  

in many research which conducts quantitative research (Bryman & Bell, 2011). Furthermore, data             

were firstly collected through Google Doc, then transmuted into Excel in order to sort out data                

correctly. Then a codification was made to transmuted data from Excel to SPSS, such as 1 for                 

“Female”, 2 for “Male” and so on for all dimensions used in our questionnaire. After conducting the                 

codification stage, descriptive statistics were taken into account to give a precise representation of              

the characteristics of the population. Bangladeshi and French samples were categorized through            
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gender, age, occupation and educational level in order to analyze if these control variables have an                

effect on the different relationships constructs of this study. 

 

Correlation/Regression/Interaction analysis 

Then, to test the significance, the strength and the sign of the correlations, a Pearson’s correlation                

analysis was conducted. A multiple regression analysis was carried out as it is an efficient process                

to observe and analyze the relationship between independent and dependent variables (Malhotra,            

2010). Two different statistical significance levels were used in the regression analysis and they are               

represented by p<0.05 and p<0.01. Then, a moderation analysis was conducted. To carry out this               

moderation analysis this thesis used the process macro developed and shared by Andrew Hayes and               

then it was incorporated into SPSS. The Andrew Hayes macro was used because it appeared as a                 

relevant and well-known process to use on SPSS in order to measure the effect of moderator                

variables. Indeed, this macro was used at least more than 3000 times, and the last book of Andrew                  

Hayes from 2017 was quoted more than 14000 times. Then, two cultural variables (collectivism,              

uncertainty avoidance) were used as moderator variables for the relationships between the            

independent variable (online privacy concerns) and the dependent variables (trust, engagement).           

Thus, it has conducted to carry out four moderation analysis.  

 

4.6 Quality Criteria for Measurement  

As this study is a quantitative study, it is important to check and verify the reliability and validity of                   

these data (Barber et al., 2000; Bryman & Bell, 2011; Heale & Twycross, 2015). Indeed, the                

validity aims to ensure the quality and the acceptability when conducting an academic research              

(Winter, 2000). The Pearson’s method is often used in the quantitative study as it aims to show the                  

correlation between variables, and it is also a well-known process to construct validity (Bryman &               

Cramer, 2005). In addition, to construct an acceptable validity, it is necessary that the Pearson               

correlation worth less than 0,80 avoiding that a concept is measured by the same independent               

variable (Bryman & Bell, 2011). 

 

Regarding reliability, one of the most common methods used in the quantitative study is to verify                

the reliability through Cronbach’s alpha test (Tavakol & Dennick, 2011). This test aims to confirm               

if the results are reliable or not and the coefficient is included between 0 to 1 (Cronbach, 1951).                  
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Researchers haven`t found a clear consensus concerning the value of Cronbach’s alpha that it must               

have but they argued to confirm that when the coefficient is below than 0.5, it is unacceptable to                  

verify the reliability of the research (Cronbach, 1951; Bryman & Bell, 2011). All of the results from                 

France indicated to be reliable since they were higher than 0.5, but to reach this reliability 1 item for                   

three variables (perceived security, online privacy concerns, uncertainty avoidance) were deleted.           

The Cronbach’s alpha table is shown in Appendix 2. The results from Bangladesh reached a reliable                

alpha value (Appendix 3), but to be consistent, the same items were deleted. However, to certify                

that reliability with a score between 0.5 and 0.7 can be accepted, the standard deviation from the                 

distribution of total scores (Sy) must be higher than the standard measurement error (EEM). Indeed,               

Ruiz-Bolivar (1992), built an equation which allows verifying the acceptability upon reliability:            

EEM=Sy√(1-rtt) (rtt: coefficient of reliability). After checking this equation for each variable with a              

Cronbach’s Alpha under 0.7, it can be observed that the reliability of these variables is acceptable.                

The results combination of items with the whole sample, including Bangladesh and France can be               

observed in Appendix 4. 

 

Furthermore, a final quality data control was conducted as a regression is sensitive to extreme               

low/high values. Thus, to ensure the no violation of multicollinearity, linearity, and normality a              

regression analysis was carried out with residuals scatterplot (Pallant, 2010). Then, coefficients for             

variance inflation factors and tolerance were observed in order to verify if the multicollinearity was               

in accordance with the assumption. All independent variables respected the rules which established             

that a tolerance value has to be included in the range 0.1>t>10 for variance inflation (Pallant,2010).                

The VIF range score for Bangladeshi sample was included between 1.457 to 2.372 and for the                

French sample, it was between 1.066 to 1.608. These results were in accordance with previous               

research which recommended a VIF score below 10 even 5 or 4 in some research. (Hair et al., 2010;                   

Rogerson, 2001; Pan & Jackson, 2008). 

 

4.7 Ethics  

Bryman and Bell (2011) note that during conducting a business research, the ethical issue can arise                

at any stage of that research, but the researcher cannot ignore ethical issues. In this research, it is                  

also mentioned that ethics in business has four major concern that authors have to deal with, the                 

first one is the complexity of what is ethical and what is unethical. In describing the second point,                  
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Bryman and Bell (2011) state that “the main elements in the debates do not seem to move forward a                   

great deal. The same kinds of points that were made in the 1960s were being rehashed in the late                   

1990s and at the start of the present century.” (pp. 123). Thirdly, the unauthorized use of any others                  

resources can be considered as corporate theft and lastly, high level of ethical violation is generally                

related with the practice of deception in business research (Bryman & Bell, 2011). However, the               

current research was ensure that respondents were aware of the topic and about the potential use of                 

data collected through the online survey. This research was ensure to follow the major codes of                

ethics in marketing field which are to respect the “right to choose”, “right to safety” and “right to be                   

informed” in order to respect consumers’ privacy (Tybout & Zaltman, 1974). 
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5. Results/Analysis 

5.1 Descriptive statistics 

According to Gravetter and Wallnau (2008) it is important to have some different demographic              

variables to make the test more understandable and it also helps researcher to understand how               

answers are dissimilar or unique for different variable. For these reasons, authors of this paper set                

five dimensions which are separate from each other’s and they are – age, gender, education level,                

occupation and of course nationality as it is a cross-cultural study. It is important to mention that the                  

authors tried to have a similar number of respondents form each nation and this is also applied for                  

different genders as well. As 240 respondents participated in our online survey which took place               

during 3 days. It can be seen in figure 3, that 48.7 % of them are from France and 51.3 % are                      

Bangladeshi. In the case of gender, 45.8 % are female and 52.9 are male. On the other hand, 40.4 %                    

respondents claimed that they are graduate, 30.4 % are undergraduate, and 6.3 % has only high                

school background. Additionally, a very minor percentage (0.4) of respondent also informed that             

they are autodidact. A larger number of respondents are student, 57.5 %. In contrast, other               

respondents are belonged from other professional like entrepreneur (4.6%), 31.7 percent are            

employed and 5.8 percent are unemployed. The age was divided into five sections, and all of them                 

have different number of respondents. Most of respondents (54.2%) are between 18-24, then 40              

percent are between 25-34. Few respondents are 55 years old and more (2.9%) while 0.4 % of the                  

respondents are 45 to 54 years old. These results could be observed in the figure 3 which follows. 

 
Figure 3. Demographic Statistics 
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5.2 Validity  

The validity of this research was conducted through Pearson’s r correlation in order to verify if the                 

constructs were measuring what it is predicted to measure. Authors of this thesis divide the               

correlation into two parts. The first one is describing the correlation between independent variables              

(PBBD, OBT, PS, PI, T, R) and the dependent variable (OPC). The second part is related to the                  

correlation between the independent variable (OPC), moderator variables (C, UA) and two            

dependent variables (TRU, E). As all of the constructs show a correlation below 0.9, therefore the                

construct validity is confirmed (Hair et al., 2010). 

 

5.2.1 Correlations of the hypothetical determinants of OPC (RQ1) 

In the France correlations table 1, it is clear that the variable which carries the lowest significant                 

value (-.204; p<0.05) is between OPC and online behavior tracking. In contrast, the highest one is                

(.535; p<0.01) between the perceived benefit of Big Data and online behavior tracking. The              

positive correlation between perceived securities online storage and online behavior tracking is            

weak-medium (.375; p<0.01). On the other hand, the correlation between reputation and personal             

information is weak (.207; p<0.05). It appears that only two independent variables were             

significantly correlated with OPC which are online behavioral tracking and transparency,           

respectively negative with (-,204) at p<0.05 and positive with (.517) at p<0.01. 

 

In table 2 which represents the results of Bangladeshi respondents, it can be observed that the                

highest significant correlation is between transparency and OPC with (.651) at p<0.01 and the              

lowest one is between perceived security and OPC with (.204) at p<0.05. There are many medium                

significant correlations such as the correlation between the perceived security of cloud storage and              

perceived benefit of Big Data (.450) at p<0.01. On the other hand, some variables are strongly                

correlated with others such as personal information and online behavior tracking with (.526) at              

p<0.01. Some of the constructs were not significantly correlated such as transparency with online              

behavioral tracking or with personal information. It appears that OPC has a significant positive              

correlation with four variables, which are perceived benefits of Big Data (p<0.01), perceived             

security (p<0.05), transparency (p<0.01) and reputation (p<0.01).  
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A- French Sample 

 Mean SD 1. 2. 3. 4. 5. 6. 7. 

1 OPC 5.3989 0.94508 1       

2 PBBD 4.3419 1.30094 -0.006 1      

3 OBT 3.3141 1.29161 -0.204* 0.535** 1     

4 PS  3.7407 1.28513 -0.162 0.319** 0.375** 1    

5 PI 3.9765 0.88813 0.061 0.371** 0.329** 0.394** 1   

6 T 5.8141 1.15555 0.517** 0.061 -0.078 -0.105 0.117 1  

7 R 4.9423 0.96400 0.168* 0.348** 0.358** 0.139 0.207* 0.73 1 

N= 117 *Correlation significant at the 0.05 level (two-tailed) 

**Correlation significant at the 0.01 level (two-tailed) 

Table 1 : France Correlations Determinants 

 

B- Bangladesh Sample 

 Mean SD 1. 2. 3. 4. 5. 6. 7. 

1 OPC 5.5908 1.21752 1       

2 PBBD 5.0610 1.28210 0.474** 1      

3 OBT 3.7785 1.41429 0.129 0.323** 1     

4 PS 4.2466 1.27097 0.204* 0.450** 0.562** 1    

5 PI 3.8354 1.09807 0.119 0.302** 0.526** 0.576** 1   

6 T 5.7846 1.29798 0.651** 0.432** 0.065 0.154 0.128 1  

7 R 5.2256 1.14180 0.419** 0.493** 0.360** 0.439** 0.411** 0.483** 1 

N= 123 **Correlation significant at the 0.01 level (two-tailed) 

*Correlation significant at the 0.05 level (two-tailed) 

 

Table 2: Bangladesh Correlations Determinants 

 

5.2.2 Correlations of variables included in RQ2 and RQ3 
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The French sample is represented by the table 3, it shows that the significant correlations among                

variables vary from the lowest score of (.204) to the highest (.795) with positive correlations at                

different significant level (p<0.01; p<0.05). Indeed, variables such as engagement and OPC show a              

week positive correlation (.226) at p<0.05. It is the same for the rest of the significant correlations                 

except for the weak-moderate correlation (.337) at p<0.05 between uncertainty avoidance and OPC,             

and the high correlation (.795) at p<0.01 for engagement with trust. However, some variables don’t               

show any significant correlation such as trust with OPC or engagement with uncertainty avoidance.              

Table 4 describes the Bangladeshi sample, it shows that the correlations differ, ranging from the               

lowest score of (.364) to the highest (.761) with all correlations being positive and significant at p                 

<0.01. Many variables within this table have a moderate correlation such as trust with collectivism               

(.384), engagement with OPC (.395). However, other variables show the higher correlation such as              

OPC and uncertainty avoidance (.680), or engagement with trust (.761).  
A- France Sample 

 Mean SD 1. 2. 3. 4. 5. 

1 OPC 5.3989 0.94508 1     

2 C 4.5812 1.20650 0.245** 1    

3 UA 5.1368 0.88858 0.337* 0.126 1   

4 TRU 4.5107 1.05832 0.173 -.077 0.216* 1  

5 E 4.7991 1.13963 0.226* -.007 0.186* 0.795** 1 

N= 117 **Correlation significant at the 0.01 level (two-tailed) 

*Correlation significant at the 0.05 level (two-tailed) 

Table 3. France Correlations RQ2 + RQ3 

B- Bangladesh Sample 

 Mean SD 1. 2. 3. 4. 5. 

1 OPC 5.5908 1.21752 1     

2 C 5.1931 1.33475 0.485** 1    

3 UA 5.5203 1.13493 0.680** 0.626** 1   

4 TRU 4.7073 1.16238 0.364** 0.384** 0.378** 1  

5 E 4.7744 1.19571 0.395** 0.539** 0.431** 0.761** 1 
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N= 123 **Correlation significant at the 0.01 level (two-tailed) 

 

Table 4. Bangladesh Correlations RQ2 + RQ3 

 

Then, a Pearson’s correlation table was created with all respondents from Bangladesh and France.              

The table 5 which can be observed in Appendix 5, and confirms the correlation of the previous                 

tables but some results differ. As an example, the correlation between OPC and PS is significant for                 

Bangladesh (table 2) and no significant for France (table 3). However, in table 5, the significance is                 

not supported. It means that this correlation might be only supported for Bangladeshi respondents.              

Another interesting result within table 5 is that the correlation between OPC and TRU is               

significantly correlated as for Bangladesh (table 2). Surprisingly, when taking a look at the p-value               

for the France results, the correlation reached p<0.1 (0.086). Thus, with a larger sample, this               

correlation could become significant at p<0.05, as the sample size has an important role in the                

statistical significance (Sullivan & Feinn, 2012).  

 

5.3 Hypothesis Testing  

5.3.1 Multiple Regression Analysis for RQ1 

Model 1 to 7 include the dependent variable OPC, four control variables which are: gender, age,                

occupation and educational level plus one different independent variable in each model except for              

the first model. Additionally, model X represents the model with all independent variables. Table 8               

can be observed in Appendix 6. Tables 6, 7, 8 illustrate the findings resulting from the multiple                 

regression analysis, respectively representing results from France, Bangladesh and a combination of            

both countries. Looking at the results in model 1 in table 8, only gender has a significant                 

relationship at p<0.05 with OPC but when looking into table 6 and 7 no relationship was observed.                 

Considering both countries, female (M=5.6276) scored higher than male (M=5.4331) at an            

acceptable significance level, meaning that females tend to have more concerns towards their OPC              

but when countries are taken individually this proposition is not supported. Here a sample size               

effect could explain those results, as generally, the larger the sample size is, the more the results                 

might be significant if there is a relationship (Thiese et al., 2016). Indeed, France has a sample size                  

of n=117 and Bangladesh has n=123, while the whole sample is n=240. When looking at the                

relationship between age and OPC, it can only be observed that there is a significant relationship for                 

Bangladesh (table 7). Thus, the more people are older in Bangladesh, the more they have online                
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privacy concerns with a beta value equals (.226) at p<0.05. The difference between these results               

could be explained by the magnitude effect which is the difference between groups (Thiese et al.,                

2016). Indeed, the age of respondents from Bangladesh are varies from age category 1 to age                

category 3 (18-44), only one respondent belong in the age category 3. While for the French sample                 

the variation is from age category 1 to age category 5 with 12 respondents above age category 3. As                   

the adjusted R2 in the model is only measuring .034 for France, .036 for Bangladesh and .034 for                  

the combination, it suggests that predictors in others models might be more suitable to use.  

 

The model 2 is related with the independent variable perceived benefits of Big Data (PBBD). It can                 

be observed that the control variable age is significant in table 8. Indeed, if the standard deviation in                  

age increases by one, it would lead to a rise in OPC by .158 at p<0.05. Gender has a significant                    

relationship at p<0.05. Moreover, PBBD has a significant relationship with OPC at p<0.01 and a               

beta value equals to .290. It means, with an adjusted R2 of .114, that 11.4% of OPC could be                   

predicted by the model 2, considering the two countries. However, when looking at table 6, there is                 

no significant relationship at all for the French sample while observing the table 7, gender has a                 

significant relationship at p<0.05 and PBBD as well (.467) at p<0.01. A one standard deviation               

increase in PBBD would yield in an increase by (.467) in OPC but this finding contrast with the                  

presented hypothesis which argued that one standard deviation increase in PBBD would yield in an               

decrease by X (beta value) in OPC. Therefore, hypothesis 1a is rejected for both countries. Thirdly,                

the model 3 measures the impacts of the predictor OBT. It can be observed in table 7 and 8 that                    

there is no significant relationship between OBT and OPC. In addition, it appears that the control                

variables have no significant direct relationship with the dependent variable in table 6,7,8.             

However, there is a significant relationship for France at p <0.05. It means that a one standard                 

deviation in OBT would yield a .183 standard deviation increase in the predicted OPC. This model                

predicts 5.9% (Adjusted R2) upon OPC. Hence, H1b is only supported for France where a high                

positive OBT perception will lead to a decrease in  OPC.  

 

Besides, the model 4 describes the relationship between PS and OPC, taking into account the four                

control variables as well. Looking at table 6 and 8, it can be observed that there is no significant                   

relationship between PS and OPC. In contrary, there is a significant relationship between PS and               

OPC for Bangladesh with a beta value (.219) at p<0.05. The control variable age shows also a                 
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significant relationship at p<0.05 for Bangladesh. Thus, for Bangladeshi people, when the PS of              

cloud storage is high and positive, it would lead to increase their OPC, especially when people are                 

young (18-24). However, it was supposed to be a negative relationship according to hypothesis and               

literature review. Hence, H1c is rejected for both Bangladesh and France. Furthermore, model 5              

includes PI as the independent variable and OPC as the dependent variable, control variables are               

also taken into account. In every table (6,7,8), it can be noticed that there is no significant                 

relationship at all. Thereby, H1d is rejected and PI seems to have no impact on OPC.  

 

Sixthly, the model 6 aims to identify the existence or not upon the relationship between the                

transparency and OPC, including control variables as well. It can be observed that in every tables,                

transparency showed a significant relationship with OPC at p<0.01. The four control variables             

showed no significant relationship with OPC in this model. Thus, in both countries, the relationship               

with the independent variable and the dependent variable is more suitable. Comparing Bangladesh             

and France, the main difference is about the value of adjusted R2. Meaning that, for France, the                 

model can explain 25.3% of OPC and for Bangladesh it can predict 45.4%. In France, a one                 

standard deviation increase in transparency would lead to a standard deviation increase by (.486) in               

OPC whereas in Bangladesh it will increase by (.681) in OPC. Bangladesh scored relatively higher               

than France in transparency, meaning that the desire that banks have to be transparent in online                

banking is relatively more important in Bangladesh than in France. Therefore, H1e is supported for               

both France and Bangladesh as the more consumers care about transparency, the more it would lead                

to increase their privacy concerns. Finally, model 7 is related to reputation of banks. It appears that                 

there is a significant relationship at p<0.01 between reputation and OPC for Bangladesh and the               

combination of both countries. Indeed, a one standard deviation of reputation increases by one, it               

would lead to an increase by .384 in OPC for Bangladeshi. Additionally, the control variables have                

no significant relationship which further support the suitability of the independent variable where             

the model explains 17.3% of OPC. Interesting, this result is not in accordance with the supposed                

negative relationship between reputation and OPC. Thus, H1f is not supported for both countries.  
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French sample:  

Variables Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model X 

CONTROL 

VARIABLE

S 

        

Gender -.122(.168) -.122(.169) -.120(.165) -.096(.171) -.123(.169) -.037(.150) -.098(.169) -.001(.153) 

Age .226(.142) .227(.143) .205(.141) .216(.142) .230(.143 .151(.126) .235(.142) .141(.123) 

Occupation -.101(.167) -.101(.168) -.110(.165) -.105(.167) -.089(.168) -.051(.147) -.102(.166) -.058(.144) 

Education .115(.092) .114(.094) .116(.091) .115(.092) .099(.095) .039(.082) .100(.092) .005(.083) 

         

Independent 

Variables 

        

PBBD  .008(.068)      .031(.072) 

OBT   -.183(.067)*     -.241(.073)* 

PS    -.117(.069)    -.078(.067) 

PI     .074(.102)   .075(.099) 

T      .486(.068)**  .448(.068)** 

R       .144(.091) .206(.086) 

R2 0.067 0.067 0.100 0.080 0.072 0.286 0.087 .354 

Adjusted R2 0.034 0.025 0.059 0.038 0.030 0.253 0.046 .293 

Change in 

R2 

0.067 0.000 0.33 0.013 0.005 0.218 0.020 .353 

St.Error of 

Estimate 

0.92898 0.93313 0.91670 0.92678 0.93063 0.81663 0.92313 .79480 

F-Value 2.014 1.598 2.459* 1.925 1.726 8.873** 2.117 5,802** 

Dependant Variable: Online Privacy Concerns. Standard error is presented within parenthesis next to the unstandardized Beta of each independent                   

variable. *Correlation significant at 0.05 level; **Correlation significant at 0.01 level. 

Table 6. France multiple regression analysis (RQ1) 
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Bangladesh sample: 

Variables Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model X 

CONTROL 

VARIABLES 

        

Gender -.148(.215) -.168(.190)* -.137(.216) -.152(.211) -.148(214) -.092(.166) -.092(.201) -.111(.166) 

Age .230(.286)* .194(.252) .223(.286) .236(.280)* .247(.286)* .167(.220) .177(.266) .158(.220) 

Occupation .080(.153) .027(.136) .077(.153) .073(.150) .049(.156) .011(.118) .025(.143) -.002(.120) 

Education -.122(.179) -.076(.158) -.113(.179) -.081(.177) -.098(.180) -.040(.138) -.069(.167) -.025(.136) 

         

Independent 

Variables 

        

PBBD  .467(.075)**      .325(.081)** 

OBT   .102(.077)     .019(.075) 

PS    .219(.085)*    .175(.091)* 

PI     .133(.103)    

T      .631(.138)**  .521(.076)** 

R       .384(.090)** .325(.097)** 

R2 .068 .281 .078 .114 .084 .454 .207 .503 

Adjusted R2 .036 .250 .038 .076 .044 .430 .173 .459 

Change in R2 .068 .214 .010 .046 .016 .386 .139 .435 

St.Error of 

Estimate 

1.19539 1.05408 1.19388 1.17045 1.19016 .91883 1.10731 .89592 

F-Value 2.140 9.154** 1.976 3.002* 2.135 19.442** 7.478** 11.331** 

Dependant Variable: Online Privacy Concerns. Standard error is presented within parenthesis next to the unstandardized Beta of each independent                   

variable. *Correlation significant at 0.05 level; **Correlation significant at 0.01 level. 

Table 7. Bangladesh multiple regression analysis (RQ1) 
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5.3.2 Multiple Regression Analysis (RQ2) and Moderation Analysis (RQ3) 

Firstly, table 9,10 and 11 represent respectively the results findings of France, Bangladesh, and both               

countries for model 8 to 11. Table 11 is available in Appendix 7. Model 8 represents the four                  

control variables related to the dependent variable which is trust. It can be observed that there is no                  

significant relationship between control variables and the dependent variable. It signifies that in             

other models, the independent variables might be more suitable. Besides, the model 9 includes OPC               

as the independent variable. It can be observed that the relationship between trust and OPC is                

significant at p<0.05 for France and at p<0.01 for Bangladesh. The beta value for France reaches                

(.203) and for Bangladesh, the beta value was (.370). Even if there is a significant relationship                

between OPC and trust, it is not related to the hypothesis which established that the relationship                

between these two variables should have been a negative relationship. Thus, H2 is rejected for both                

countries.  

 

Furthermore, model 10 deals with OPC, trust, and collectivism as the moderator variable. The              

interaction variable collectivism showed a beta of (-.102) for France and (-.082) for Bangladesh.              

However, this moderating effect was not statistically significant in every table. Thereby, H4 is not               

supported for both countries. Additionally, model 11 deals with uncertainty avoidance as the             

moderator variable. As it can be observed, none of the tables showed a statistically significant               

moderation effect by uncertainty avoidance. Thus, H5 is not supported for both countries.  
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France 

Variables Model 8 Model 9 Model 10 Model 11 

CONTROL VARIABLES     

Gender -.005(.194) .020(.192) -.0305(.194) .036(.192) 

Age -.101(.164) -.147(.163) -.134(.173) -.069(.189) 

Occupation .020(.193) .041(.191) .058(.184) .001(.189) 

Education -.005(.107) -.028(.106) -.038(.108) -.084(.115) 

     

Independent V.     

OPC  .203(.107)* .261(.119)* .113(.147) 

Moderator V.     

C   -.102(.145)  

UA    -.189(.191) 

R2 .007 .046 .070 .101 

Adjusted R2 -.028 .003 .062 .093 

Change in R2 .007 .038 .010 .022 

St. Error of Estimate 1.07308 1.05682 1.1080 1.0721 

F-Value .208 1.066 1.5326 2.0599 

Dependant Variable: Trust. Standard error is presented within parenthesis next to the unstandardized Beta of each independent variable.                  

*Correlation significant at 0.05 level. 
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Table 9. France multiple + moderated regression analysis (RQ2) 

 

Bangladesh 

Variables Model 8 Model 9 Model 10 Model 11 

CONTROL VARIABLES     

Gender -.040(.212) .015(.201) .077(.191) .118(.191) 

Age .045(.281) -.040(.268) -.045(.289) -.164(.297) 

Occupation .057(.150) .027(.141) -.034(.148) -.006(.154) 

Education .032(.176) .077(.166) .108(.187) .164(.191) 

     

Independent V.     

OPC  .370(.085)** .166(.107) .149(.120) 

Moderator V.     

C   -.086(116)  

UA    .232(.118) 

R2 .011 .138 .213 .190 

Adjusted R2 -.023 .101 .206 .183 

Change in R2 .011 .128 .0204 .0152 

St. Error of Estimate 1.17567 1.10196 1.1281 1.1613 

F-Value .314 3.749 2.5096 3.7428 

Dependant Variable: Trust. Standard error is presented within parenthesis next to the unstandardized Beta of each independent variable.                  

**Correlation significant at 0.01 level. 

Table 10. Bangladesh multiple + moderated regression analysis (RQ2) 
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The tables 12, 13 and 14 describe the multiple regression analysis of model 12 with the control                 

variables and the dependent variable (engagement), of model 13 with the control variables and              

independent variable (OPC) related to the dependent variable (engagement). Then, a moderation            

analysis was conducted with collectivism as the moderator variable for model 14 and another one               

with uncertainty avoidance as the moderator variable. The table 14 is available in Appendix 8. 

 

Model 12 with the four control variables aims to identify if the results show a direct relationship                 

between control variables and engagement as the dependent variable. However, as it is illustrated in               

tables 12, 13 and 14, it can be noticed that the results did not show any significance level. Model 13                    

shows a significant relationship between engagement and OPC in all tables at p<0.01. Moreover,              

age seems to have an impact when considering the whole sample at p<0.05, but as this study aims to                   

focus on a comparison between France and Bangladesh, this results will not be further developed.               

The model predictions is more higher for Bangladesh than for France with respectively a adjusted               

R2 equals to 6.1% and 14%. In France, the relationship between engagement and OPC reaches a                

beta value equals to (.256) while in Bangladesh the beta value is (.419). These results don’t support                 

H3 as it was supposed to be a negative relationship. 

 

Model 14 and model 15 describes respectively the hypothetical moderation effect generated by             

collectivism and uncertainty avoidance on the relationship between engagement and OPC. It            

appears that both cultural dimensions have no significance moderation effect on the relationship             

between OPC and engagement. Hence, H6 and H7 are not supported due to an insignificant               

interaction effect.  
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France 

Variables Model 12 Model 13 Model 14 Model 15 

CONTROL VARIABLES     

Gender -.032(.204) -.001(.200) -.922(.185) -.005(.198) 

Age -.157(.173) -.214(.170) -.200(.170) -.171(.191) 

Occupation -.061(.204) -.035(.198) -.061(.230) -.085(.237) 

Education .114(.112) .085(.110) .100(.134) .061(.149) 

     

Independent V.     

OPC  .256(.112)** .322(.111)** .220(.116) 

Moderator V.     

C   -.157(.128)  

UA    -.150(.171) 

R2 .048 .109 .132 .138 

Adjusted R2 .014 .069 .125 .130 

Change in R2 .048 .061 .071 .067 

St. Error of Estimate 1.13148 1.09942 1.1996 1.1917 

F-Value 1.419 2.728 2.7895 2.0122 

Dependant Variable: Engagement. Standard error is presented within parenthesis next to the unstandardized Beta of each independent variable.                  

**Correlation significant at 0.01 level. 

Table 12. France multiple + moderated regression analysis (RQ2+RQ3) 
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Bangladesh 

 

Variables Model 12 Model 13 Model 14 Model 15 

CONTROL VARIABLES     

Gender .042(.218) .104(.202) .272(.194) .338(.198) 

Age .035(.289) -.061(.270) -.015(267) -.265(.288) 

Occupation .047(.155) .013(.142) -.062(.152) -.008(.169) 

Education .040(.181) .091(.167) .097(190) .197(.204) 

     

Independent V.     

OPC  .419(.085)** .165(.099) .186(.119) 

Moderator V.     

C   -.035(.049)  

UA    -.006(.051) 

R2 .012 .175- .333 .239 

Adjusted R2 -.022 .140 .328 .233 

Change in R2 .012 .163 .0031 .000 

St. Error of Estimate 1.20879 1.10913 1.0115 1.1543 

F-Value .344 4.958 8.5347 6.645 

Dependent Variable: Trust. Standard error is presented within parenthesis next to the unstandardized Beta of each independent variable.                  

**Correlation significant at 0.01 level 
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Table 13. Bangladesh multiple + moderated regression analysis (RQ2 + RQ3) 
Table 15: Hypothesis testing summary 

 France Bangladesh 

H1a Rejected Rejected 

H1b Supported at p<0.05 Rejected 

H1c 

 

Rejected Rejected 

H1d Rejected Rejected 

H1e Supported at p<0.01 Supported at p<0.01 

H1f Rejected Rejected 

H2 Rejected Rejected 

H3 Rejected Rejected 

H4 Rejected Rejected 

H5 Rejected Rejected 

H6 Rejected Rejected 

H7 Rejected Rejected 
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6. Discussion  

6.1 Perceived Benefits of Big Data 

First of all, one of the reasons behind of positive relationship between OPC and perceived benefits                

of Big Data could be that Big Data is still a very new field to discuss in Bangladesh. Even if the                     

consumers’ of Bangladesh have a positive perception on Big Data, it does not conduct to a low                 

privacy concerns as it is a comparatively new technology for them (Islam, 2018). The Bangladeshi               

online consumers’ may still have fear and high privacy concerns about new technology even when               

they know the benefit of it. By taking into account the recent rules and regulations that are                 

introduced by Bangladesh government regarding online banking protection of confidential          

information, it is clear that there is a growing privacy concerns about online banking platform. The                

central bank of Bangladesh introduced some guidelines that can reduce the online harassments of              

bank users (bd.org.bd., 2018). Another reason might be that consumers are not willing to              

compromise their privacy due to the benefits of Big data. As researchers mentioned when consumer               

tend to enjoy the benefits of Big Data, they make a compromise with their privacy even if they have                   

a high privacy concerns (Tan & Pivot, 2015). Big Data Analytics generates benefits which can be                

positively perceived by consumers such as time-saving, cost-effective but due to their lack of              

control over their data, it could also increase their privacy concerns (Kim et al., 2008; Tan & Pivot,                  

2015). 

 

Interestingly this assumption is not applicable for the online bank users in France. It might have                

happened that consumers are more aware of privacy regarding Big Data as some researchers              

discussed that consumers have a growing concern regarding the use of Big Data as it can disclose                 

their financial information (Eastin et al.2016; Tan and Pivot, 2015). It is also important to consider                

that France has some laws which aim to protect their consumer´private information involved with              

banks (Harasim & Klimontowicz, 2018; Forbes, 2018). Thus, it might be possible that the perceived               

privacy policies made by the European Union could erase the supposed relationship between             

perception of Big Data and privacy concerns. Indeed, thanks to the General Data Protection              

Regulation (GDPR) which established that when online banking services are designed, banks have             

to incorporate the privacy’ protection of consumers (Harasim & Klimontowicz, 2018). Thereby, the             
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perception of the use of Big Data could not play directly a role to OPC, as now this perception is                    

related to privacy regulation. 

  

6.2 Online Behavioral Tracking  

In France, results indicate that consumers of online banks who perceived a positive perception of               

online behavioral tracking, they generally have lower privacy concerns. The authors of this paper              

mentioned earlier that many researchers argued that the consumers who have high privacy concerns,              

in most of the cases tend to have a negative perception on online behavior tracking (Jai et al., 2013;                   

Nil & Aalberts, 2015; Scharkow, 2016). In France, the online behavioral tracking is considering as               

a worrying issue which is involved with privacy concerns (Kshetri, 2016). Furthermore, it appears              

that for French people, when the perception of online behavioral tracking is positive and they give                

their agreement to the banks for using this method, their privacy concerns will decrease. This last                

fact is in accordance with the requirements of the GDPR which will take place on the 25 May 2018.                   

GDPR established the obligation for companies to involve the consideration of consumer’s privacy             

by allowing each individual to decide if they rather want to accept or not, for example, when banks                  

use online behavioral tracking (Harasim & Klimontowicz, 2018).  

 

However, in Bangladesh, this assumption does not reflect the indifferent result. As it is discussed               

earlier that consumer perception and privacy concerns also involve the benefits of online behavior              

tracking (Melicher et al., 2016). Additionally, it is important to mention that previous studies              

claimed that banks are using online behavior tracking through Big Data for disclosing personal              

information. It is also assumed that this kind of tracking less affects privacy concern in Asia                

(Kshetri, 2016), as it is found in this thesis with an insignificant relationship for Bangladesh. 

 

6.3 Perceived Security on Cloud Storage  

The authors of this paper discussed earlier that privacy concerns could be lower when consumers               

have a positive perception of the cloud storage security system (Wang et al., 2010; Lon et al., 2011;                  

Rong et al., 2013). However, by observing the results, it is noticed that there is no significant                 

relationship between perceived security on cloud storage (PS) and OPC in France. On the other               

hand, in Bangladesh, there is a positive significant relationship with a beta value of (.219) at p<0.05                 

which is contradictory with the assumption. In France, the perception of cloud storage is critical as                
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it deals with security perception and it has to be taken into account that privacy regulations are                 

changing (Ackermann et al. 2012; Rong et al., 2013; Harasim & Klimontowicz, 2018). For those               

reasons, the perception in France is hard to identify as the situation is changing rapidly. The results                 

were not significant and thus it conducts to reject the clear link between perceived security and                

OPC. 

  

Many researchers come in a point that Bangladesh still needs a set of laws which should have                 

international standards and the core purpose of that regulation should emphasize on protecting             

consumer's personal information in the context of cloud computing and Big Data (Himaloya &              

Rahman, 2015; Islam, 2018). Thus, it appears that Bangladesh needs more time to ensure online               

security. This research shows that banks’ users in Bangladesh are showing higher privacy concerns              

when they have a positive perception of cloud storage security. One of the possible reason behind                

this high privacy concerns is may be related to the lack of knowledge of online security as this kind                   

of advanced technological platform is comparatively new in Bangladesh. As Ahmed et al. (2017)              

stated that for the increased expansion of information technologies, the number of scandals in the               

digital world has also increased. As the cloud computing is an emerging topic in Bangladesh,               

people tend to have an important concern regarding security which will aim to increase their               

privacy concerns. 

 

6.4 Privacy and Personal Information 

In France, it is shown that there is no significant relationship between personal information and               

OPC, the same result occurs for Bangladesh. Previous studies mentioned that privacy concern             

depends on consumers’ willingness to disclose their information or not (Joinson et al. 2010:,              

Casalo´ et al. 2007). It is recognized that a higher willingness to disclose the personal information                

does not mean that consumers have a lower privacy concern in both countries. This result is                

interesting as online fraudulent case through the use of personal information has increased in online               

banking (Casalo´ et al., 2007). One of the reasons behind this result might be that governments of                 

every nation are now setting rules for protecting their citizens' personal information (Ahmed et al.,               

2017). Therefore, there is a possibility that consumers are feeling more confident as they might               

think governments are taking care of these issues. Wu et al., (2012) mentioned that willingness to                

disclose personal information depends on the privacy policy of institutions as well.  
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Besides, the GDPR is dealing with personal information across Europe (Harasim & Klimontowicz,             

2018). It means that online banks’ consumers will have a good set of guidelines that will protect                 

their personal information. This kind of rules and regulations might affect consumers’ mind to              

disclose personal information. Indeed, within Europe, banks will have to take into account, for              

example, the right to data portability. It means that individuals can request to have their personal                

information “transmitted directly from one controller to another, where technically feasible”           

(Chapter 3, Section 3, Article 20, L119/45). Additionally, the article 16 mentions the right to obtain                

the rectification about an invalid data concerning consumer (Chapter 3, Section 3, L 119/43;              

Eur-lex.europa.eu, 2018). If companies do not respect the rules established by GDPR, they will be               

punished up to 20 million euros or 4% of the total worldwide annual turnover (Forbes, 2018). 

 

Finally, researchers observe that for protecting consumers’ personal information and provide           

information about the negative side of disclosing personal information, Bangladesh needs to            

introduce some laws that have a direct connection with consumers’ interest as there is a big                

challenge of consumer privacy issues in Bangladesh (Ahmed et al., 2017; Himaloya & Rahman,              

2015). 

 

6.5 Privacy and Transparency by the Banks 

Firstly, results showed a positive significant beta value at p<0.001 between transparency and OPC              

variable for both countries, France (.486) and Bangladesh (.631). The authors of this paper come to                

a point that if the desire for transparency is positively high, it means that the privacy concerns of                  

consumer become high as well. It appears that transparency is important for the consumer in this                

digital era as it is connected with privacy issues (Vaccaro and Madsen, 2009; Janssen & Hoven,                

2015). Because of the personalized service, consumers may have to compromise their privacy or              

transparency sometimes but it doesn’t mean that they have lower privacy concerns. The results are               

in accordance with Sackmann et al. (2006) who claimed that transparency is the key issue of                

privacy. Moreover, the GDPR has a specific part that deals with transparency issues in the online                

bank. This regulation supports the obligation that banks should disclose an authentic transparency             

by, for example, providing the period of data storage or the right to request limitation and removal                 

of data processing (Harasim & Klimontowicz, 2018). Moreover, thanks to the “Payment Services             
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Directive” (PSD2) administered by the European Commission, an effort is asked for the online              

banking industry to share transparency about the agreements between banks and third parties, and it               

established a legal protection for users through their payment transactions and services (Brodsky &              

Oakes, 2017) 

  

In the case of Bangladesh, one of the important law which banks need to take into consideration                 

regarding privacy issues is the right to information act (Murad & Hoque, 2012). It is called “Right                 

to Information Act” (2009), this law discussed that a citizen has the right to know everything that                 

matters with their national interest (Murad & Hoque, 2012). This law has a close relation with                

transparency and reflects the growing transparency practice in Bangladesh. So it assumes that this              

high transparency concern is connected with high privacy concerns. Thus, regarding the relationship             

of transparency and OPC, there is no major difference between both Bangladesh and France except               

regarding the regulations.  

 

6.6 Reputation of Banks 

First of all, the average score of the reputation was lower in France (M=4.94) than in Bangladesh                 

(M=5.22), which is in accordance with the argument that collectivistic cultures are more concerned              

about the reputation that individualistic ones (Nguyen et al., 2014). A positive reputation is very               

important for banks to increase their benefits as it handle consumers’ confidential information             

(Buckley & Nixon, 2009; Li, 2014). France is an individualistic society which have low              

consideration for reputation, therefore it could explain the insignificant results observed in the             

analysis. (Nguyen et al., 2014; Hofstede Insights 2018) 

 

For Bangladesh, this research shows a positive relationship between between reputation and OPC             

which is contradictory with findings made by Eastlick et al. (2006) where a negative relationship               

was found. One explanation could be that in the research from Eastlick et al. (2006), 65.1% of the                  

respondents were older than 35 years old while in our research 93% were younger than 35 years                 

old. As it was find out by (Miltgen & Peyrat-Guillard, 2013), younger people tend to have low                 

privacy concerns when they can carry out their personal data management and trust more efficiently               

legal protection but when they don’t manage their information, their privacy concerns increase.             

Thus, in Bangladesh, as people have less power to manage their personal data than in France, it                 
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could explain that Bangladeshi people will pay more attention to the reputation of the bank and                

have a high privacy concerns.  

 

6.7 Trust 

Previous studies claimed that trust in online banking present a low privacy concern (Bansal et al.                

2015) but this research showed a different direction. In Big Data area, consumers’ have issues with                

privacy and it is important to understand the privacy concerns level of consumers and its relation                

with trust in the online banking industry (Eastin et al., 2016; Yap et al., 2009). 

 

In France, the online banking industry has increased since the last decade, as more than 59%                

Internet’ users are consuming online banking (Statista, 2018). Thus, banks win consumers’ trust in              

that case as they accept to carry out their bank’ activities through online banking. Besides, the main                 

trust issues regarding online banking are fear of hackers and lack of control over the online platform                 

(Yap et al., 2009; Bansal et al., 2016). Thus, a higher awareness of existing regulations to overcome                 

these fears could explain that people have high online privacy concerns which generate a higher               

trust. 

 

However, in Bangladesh, consumers might have a higher trust in online banking including those              

consumers who have a high privacy concern, due to the zero tolerance of online fraud case. In                 

addition, to understand the high degree of protecting people’ privacy, one law is known as very                

‘extreme’ as well called ‘ICT act, 57 section’ (Ahmed et al. 2017; Adhikariy, 2017). This law                

mainly relates that a false transparency/information delivered by a firm will be considered as a               

crime (Adhikariy, 2017). For those reasons, consumers might have trust in online banking when              

they are more concerned about their privacy. Lastly, for France, most of the countries like               

individualistic ones tend to have more trust on others, it can be the reason of trusting online banking                  

when consumers have a higher level of privacy concerns (Park et al., 2012).  

 

6.8 Engagement  

The results observed in the analysis explain that consumers with high OPC could have a higher                

engagement in online banking. France and Bangladesh show different results comparing to previous             

studies due to many reasons. This study was conducted in the context of Big Data as it is important                   
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to understand the circumstances of consumer engagement in the relation with privacy concern             

(Kunz et al., 2017). Previous studies mention that banks use Big Data to improve consumers’               

engagement so the result might be contemporary (Manyika et al., 2011; Davenport et al., 2012;               

Yurcan, 2015; Dominic et al., 2016). 

 

The emotional and psychological connection between online platforms and consumers have been            

changed due to recent big incidences such as Cambridge Analytica and Panama scandal which              

highly affected (BBC News, 2018). As many researchers agreed that consumer engagement mainly             

related with the emotional, behavioral and psychological relationship between companies and           

consumers (Bowden, 2009; Van Doorn et al., 2010; Brodie et al., 2013; Kunz et al., 2017). Thereby,                 

this emotional change might be an important factor for those unusual results. Consumer extensive              

attention on recent online scandals reflects that consumers are highly concerned about their privacy              

regarding online platform or Big Data where they engage deeply by providing private information.              

Thus, it appears that security and privacy concerns are important when a consumer wants to engage                

with its online bank. Thereby, when they have a high privacy concern it means that they want to                  

have more control over their data and to be highly engaged could help to reach this goal in both                   

countries.  

 

As the average age is younger than 35 in this research, it further develops the results. It was                  

observed by Miltgen and Peyrat-Guillard (2013) that younger people want to have more regards              

concerning the use of their personal data and to engage continuously towards online banks, it might                

help them to achieve this goal. Thus, it appears that in both countries engagement is positively                

related to privacy concerns but it is a bit more the case in Bangladesh. The reason behind that is that                    

reputation could play an important role as Bangladeshi people tend to have more consideration for               

reputation. 
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6.9 Moderation variables 

6.9.1 Individualism-Collectivism  

According to Hofstede Insights (2018), Bangladesh is more a collectivistic society than France. It              

was confirmed by the results as the average score for French respondents was (M= 4.5812) and for                 

the Bangladeshi respondents, it was (M=5,1931). This research also confirms the Cronbach’s Alpha             

reliability of the items used, with a Cronbach’s alpha of 0.798 for France and 0.890 for Bangladesh.                 

As in previous research using these items, the reliability score was equal to 0.827 (Baptista &                

Oliveira, 2015). Besides, it was argued that collectivism has an important effect on trust,              

engagement and OPC (Lowry et al., 2011; Krasnova et al., 2012; Zeffane, 2017). Thus, as it was not                  

investigated, a moderation analysis was carried out towards the relationship between OPC and trust              

and for OPC with engagement. As a result, no significance was observed, and thus the supposed                

moderation effect of collectivism was not confirmed.  

 

6.9.2 Uncertainty Avoidance  

Firstly, according to Hofstede Insights (2018), France and Bangladesh have both an important             

consideration for the dimension of uncertainty avoidance. Indeed, the average score of the             

responses regarding uncertainty avoidance was in accordance with this statement as France reached             

an average score M=5.14 and Bangladesh scored M=5.52. This research confirms that uncertainty             

avoidance still has an important place in these countries. It was argued that uncertainty avoidance               

was an important dimension when considering consumer trust, engagement and OPC (Lowry et al.,              

2011; Kong et al., 2012; Gupta et al., 2018). Thus, authors of this thesis wanted to observe if                  

uncertainty avoidance could moderate the relationship between OPC and consumer trust; and            

moderate the relationship between OPC and trust. As a result, for both relationships, it was               

observed that uncertainty avoidance didn’t have a statistically significant interaction effect. Thus,            

uncertainty avoidance appears to not be a moderator of these relationships. However, it doesn’t              

mean that uncertainty avoidance has no effect on these variables individually but just on the               

relationships of these variables.  
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7. Conclusion  

The original conceptual model that was developed in relation to the literature review proposed that               

antecedents of OPC could have a negative influence on OPC except for transparency. It was also                

suggested that OPC could have a negative influence on trust and engagement and that a cultural                

moderating effect on these relationships exists. However, the authors observed that OPC is higher              

when consumers’ perception of most of the antecedents of OPC is positively high. This result is                

significant for the perceived benefit of Big Data, perceived security of cloud storage, the reputation               

of banks and transparency in Bangladesh. But only transparency was in accordance with the              

hypothesis formulation for Bangladesh, as these others variables showed opposite results from the             

conceptual model. Concerning France, two antecedents were in accordance with hypothesis           

formulation but others were rejected as they didn’t show any significance. In France and              

Bangladesh, a positive desire for transparency of banks reflects a high level of privacy concerns               

among consumers. Then, for France, the second antecedent confirmed was about the positive             

perception of online behavior tracking which might conduct to lower privacy concerns among             

consumers while it was not the case for Bangladesh. In the discussion, the authors further developed                

that the existing rules and regulation of online banking and privacy policy of government might               

impact the privacy concerns of the consumer in the context of Big Data. 

 

Moreover, an important finding of this study was related to trust, as in both countries a higher level                  

of privacy concern refers that trust in online banking is higher. It is also noted that engagement and                  

Big Data is a very close and related term, especially in the online banking industry. The results also                  

indicate that a high engagement with banks reflects that online bank users have more privacy               

concerns that who are less engaged in both countries. Probably, these results are related to the rapid                 

intercommunication with online banking and also to the behavioral and emotional connection of             

consumers towards banks. Finally, individualism/collectivism and uncertainty avoidance were taken          

into account to verify if they had a potential moderation effect on the relationship of OPC with trust                  

and engagement, but the results were not significant. This cross-cultural study contributes to a better               

understanding of effects generated by the consumer perception of Big Data to the online privacy               

concerns in the online banking industry. 
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8. Research Implications  

8.1. Theoretical Implication 

This study makes some theoretical contributions to the literature. Firstly, this research contributes to              

the existing body of knowledge by filling the literature gap on a better understanding of the                

antecedents of OPC and the impacts of OPC towards trust and engagement through online banking               

industry in both emerging and developed country. Secondly, contrary to what is conceptualized in              

this study, the relationship between OPC and its antecedents shows for some variables no              

significant relationship such as with personal information while it shows a positive significant             

relationship with transparency in both countries. It further develops that only online behavioral             

tracking has a negative significant influence on OPC in France. Then, reputation, perceived security              

and perceived benefits of Big Data show a significant positive influence on OPC in Bangladesh               

only. The contribution is important as these antecedents differ among countries and differ from the               

direction of the relationship established by previous studies. Thirdly, this thesis has demonstrated             

the theoretical validity and the empirical applicability of the significant connection of OPC towards              

trust and engagement in both countries. The contribution is also meaningful as this connection              

differs from the literature review due to the consideration of Big Data context. Fourthly, the results                

of the current study reject the significance moderating role of uncertainty avoidance and             

individualism (Hofstede’s dimensions) on the relationship between OPC to trust and engagement.            

Finally, this investigation is conducted through online banking, allowing to better understand the             

consumer perception of OPC when Big Data is taking into account. As an example, the perceived                

benefit of Big Data and its relation with OPC was not deeply discussed before. Obviously, this                

offers a chance to fill a gap in the literature review.  

 

8.2 Managerial Implications 

The results from this study have generated information and insights about consumers’ perception of              

the use of Big Data by banks and about some of the factors that have an impact on OPC. These                    

findings can be valuable insights to take into account for marketing strategy such as for marketing                

analyst, advertising manager/coordinator, public relations manager, brand manager, digital         

marketing manager and R&D manager as well. As the online banking industry is still an increasing                

sector in both countries France and Bangladesh, this research can be of importance when marketing               

manager wants to improve CRM through a better understanding of the impact of the uses of Big                 
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Data towards consumers’ perception, and thus adapt their strategy to promote and increase             

consumer engagement for example. Additionally, this study suggests that banks have to be             

transparent regarding the use of the data generated by consumers, and then improve their              

transparency policy. The findings also suggest especially in France, that marketers should explain             

the potential benefits of using Big Data tools such as online behavioral tracking for consumers               

which will possibly conduct to an agreement from the consumers that banks could use certain               

information in some extent. This research is also contributing to improving the knowledge for              

marketers regarding consumers’ perception of the analytics practices used by banks in order to              

manipulate consumers’ data. Thus, it could help to improve advertisement campaigns. It is also              

interesting for international banks which deal with consumers from Bangladesh and France. As Big              

Data and OPC are taking more place, it could be a competitive advantage for Bangladeshi banks to                 

disclose their transparency policy as the regulation is still working on the delimitation of the legal                

use of the data generated by the consumers. Thus, it can be an argument to attract new consumers                  

and increase their brand image and reputation as well. 
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9. Limitations and Future Research 

This study presents some limitations to take into considerations. Firstly, the data collected through              

the questionnaire represents for the majority of the respondents the young adult generation, as 93%               

of the whole sample were under 35 years old. As it was argued by Miltgen & Peyrat-Guillard                 

(2013), there is a generational influence regarding OPC. Therefore, it would have been interesting if               

the responses collected were more equally distributed among different age category. Secondly, this             

research investigated the hypothetical moderation impact of only two cultural Hofstede’ dimension.            

It was observed by Bellman et al. (2004), that there is relationship between privacy concerns and                

power distance and masculinity dimension as well. Moreover, this study don´t include in the              

measurements the effects of privacy policy towards privacy concerns but just in the discussion part.               

Wu et al. (2012), investigated it and within their research they observed a significant relationship               

between these variables. As more recently, a lot of scandal related to the use of Big Data emerged                  

(cf. Cambridge Analytica, TSB) and new regulations such as GDPR were established, it would be               

interesting to investigate the impact of privacy policy towards trust, OPC and engagement as well.               

Furthermore, this research makes a focus on Bangladesh and France. It would have been interesting               

to include more emerging and developed countries to generalize the results. Another limitation is              

that this study doesn’t measure the degree of knowledge about Big Data and the online banking                

system, like to which extent people know the functioning of these subjects, is it just a basic                 

knowledge, or advanced knowledge? Roca et al. (2009) argued that knowledge has a significant              

relationship with privacy concerns, but our current thesis did not measure this relationship. It would               

be interesting as well to carry out a comparison between different online sector and observe the                

impact of OPC towards variable such as loyalty, engagement, trust and notice if there are significant                

differences among online sector. Further studies could focus on the uses of Big Data in a dual                 

perspective (consumer/company) in different industry such as tourism or transport sector.           

Additionally, a cross-investigation framework in different countries concerning the regulation of the            

use of Big Data and privacy concerns as well, is suggested. Another suggestion for further research                

could be to focus on the impact of the GDPR towards the marketing practices such as consumer                 

management, marketing asset management. 
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11. List of Appendix 

Appendix 1. Operationalization table 

Concepts Conceptual 

Definitions 

Origin Question 

Perceived Benefits Consumer´s beliefs about   

the extent of perceived    

benefits generated by Big    

Data Analytics used by    

banks through  

convenience, saving time   

and awareness.  

Inspired on Forsythe et al.     

(2006); Kim et al, 2008) 
Akter & Wamba (2016);    

Hofacker et al., (2016)    

Kshetri, 2016. All items    

are new but inspired by     

these articles 

1) Í will feel comfortable if my bank        

uses big data analytics to customize      

service offerings for me (PBBD1) 

2) I think Big Data Analytics help me to         

find what i am looking for in a fastest         

way through the online banking     

(PBBD2) 

3) I feel that BDA can improve my        

relationship with my bank (PBBD3) 

4) If i know that Big Data Analytics is         

used by my bank, my perception of the        

bank may increase positively (PBBD4) 

Online Behavioral  

Tracking 

Online behavior tracking   

is known as a direct     

marketing process that   

consists by observing and    

analyzing consumers’  

online behavior in order    

to establish proper and    

personalized 

communication to the   

(Smit et al., 2014; Nill     

&Aalberts, 2014) Based   

on Melicher et al., 2016) 

1) I am comfortable if my online       

behaviour is tracked by the bank (OBT1) 

2) I think that information collected      

through my online behaviour is not a       

problem  for me. (OBT2) 

3) It is not important for me to limit         

access to my online banking activity such       

as refusing cookies (OBT3) 
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consumer, based on their    

online actions. 

4) For me, the idea that my bank        

monitors my online banking activity is      

not privacy violation (OBT4) 

Perceived security  

of cloud storage  

Perceived security of   

cloud storage refers to the     

belief of consumer that    

lead them to use cloud     

storage and allow them    

get access in this online     

platform in any   

geographical location  

with a risk free manner. 

 

 

(Shin and Shin,   

2011Wang et al., 2010; Ji     

et al., 2012; Ion et al.,      

2011) 

 

1) I feel safe to store my data in online          

storage (PS1) 

2) I think that my bank should inform        

me, if an unauthorized party/person     

accessed my data (PS2) 

3) I am willing to provide my financial        

information in cloud storage system     

(PS3) 

4) I prefer to store my personal/financial       

information in bank’s online storage     

because Big Data or bank’s online      

security system is better than my local       

storage such as laptop hard disk. (PS4) 

Personal 

Information 

Personal information  

refers that kind of    

information that needs a    

private space and   

disclosure of that   

information can be   

harmful to the person.    

People always try to    

control their personal   

information and the level    

of this control depends on     

their privacy concern. 

(Bansal & Gefen, 2010;    

Joinson et al., 2010; Chen     

and Rea, 2004) 

Based on Wu et al., 2012;      

Bansal et al., 2010) Ion et      

al., 2011 

1) I am willing to provide personal       

information to my bank (PI1) 

2) It is not a problem for me that my          

bank reveals personal information to a      

third party (PI2) 

3) I think that my personal information in        

the online bank is highly protected. (PI3) 

4) I am not forced to provide personal        

information to my bank (PI4) 

Transparency In Business, Transparency   

refers accountability,  

liability, reediness,  

efficiency etc.  

transparency also refers   

to the continuous   

intercommunication 

between organization and   

stakeholders. 

Transparency policy of an    

organization verifies how   

they use consumers’   

information. 

(Awad & Krishnan, 2006;    

Ball, 2009; Granados &    

Gupta, 2013; Vaccaro &    

Madsen, 2009; Nil &    

Aalberts, 2015) 

 

1) It is important for me to know how my          

bank is going to use the information they        

collect from me (T1) 

2) It is important for me to know how         

long my bank will retain my information       

in their Big Data system (T2) 

3) It is important for me to know what         

kind of information my bank keeps about       

me in their database (T3) 

4) It is important for me to know why         

and for what purpose my bank is       

collecting information from me (T4) 
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Reputation Reputation reflects the   

beliefs/opinions/thoughts 

of people towards a    

company in terms of    

quality, safety,  

trustworthiness, image,  

perception, experience.  

(Walker, 2010; Erwing,   

2010; Marwick et al.,    

2010; Li, 2014; Nguyen et     

al., 2014: Casaló et al.,     

2007; Li, 2014) 

1)  My bank has a good reputation (R1) 

2) My bank has a reputation for offering        

good online  services (R2) 

3) My bank´s online services have a good        

reputation compared to other banks (R3) 

4) My bank has a reputation for being        

respectful to its consumers (R4) 

Online Privacy  

Concerns 

Privacy concern is   

associated with the   

protection of personal   

data from unwanted   

disclosure and it’s   

impossible to have   

complete privacy. In   

online platform, Privacy   

concern is more critical    

as here the rate of     

information exchange is   

too high. Privacy concern    

and behavioral intentions   

are inter connected. 

(Janssen and Hoven 2015;    

Li, 2014; Casalo´ et al.     

2007; Nam et al. 2006;     

Taylor et al., 2009: Baek     

& Morimoto, 2012; Smit    

et al., 2014: Awad &     

Krishnan 2006) 

 

1) I believe that personal data have been        

misused too often (OPC1) 

2) I worry about receiving ads in which I         

am not interested (OPC2) 

3) I feel uncomfortable when my      

information is shared without my     

permission (OP3) 

4) I am concerned about the threats that        

can affect my personal data when I am        

surfing in Bank's website and     

application. (OPC4) 

Individualism/ 

Collectivism 

Individualism reflects the   

preference of people to    

act as individuals rather    

than members of a    

community/group. 

Contrastly, collectivism  

reflects the cooperation,   

harmony and the   

prominence place of the    

community/group. 

(Hofstede, 2011; Brewer   

and Venaik, 2011;   

Krasnova et al., 2012;    

Nguyen et al., 2014;    

Zeffane, 2017: Hofstede,   

1993; Faqih & Jaradat,    

2015) 

1) Group success is more important than       

individual success. (C1) 

2) Being accepted as a member of a        

group is more important than having      

autonomy and independence. (C2) 

3) Being loyal to a group is more        

important than individual gain. (C3) 

4) Group unity is more important than       

individualism (C4) 

Uncertainty 

Avoidance 

Uncertainty avoidance is   

related to which extent    

individuals of a society    

deal with the unknown    

future and how people    

react in an unusual    

situation.  

(Hofstede, 2011; Kong,   

2012; Krasnova et al.,    

2012; Srite & Karahanna,    

2006; Baptista & Oliveira,    

2015) 

1) Rules and regulations are important      

because they inform workers what the      

organization expects of them. (UA1) 

2) Order and structure are very important       

in a work environment. (UA2) 

3) It is better to have a bad situation that          

you know about, than to have an       

uncertain situation which might be better.      

(UA3) 

4) People should avoid making changes      

because things could get worse. (UA4) 

 

71 
 



 
 

Consumer Trust in   

online banking 

In online banking,   

consumer trust is related    

to the consumer´   

perception of the secure    

management of their data.    

Trust is characterized   

through trustworthy  

relationships and  

unbiased information  

provided by banks.  

(Yap, 2009; Park et al.,     

2012; Bansal et al., 2016:     

Wu., 2012, Roca et al.,     

2009) 

1) Online banking is trustworthy (TRU1) 

2) I trust in the benefits of using online         

banking (TRU2) 

3) I believe in the honesty of the online         

banking system (TRU3) 

4) Even if not monitored, i would trust        

the online banking system to do the job        

right (TRU4) 

Consumer 

Engagement 

Consumer engagement is   

a process which includes    

emotional, behavioral and   

psychological connection  

between companies and   

people.  

(Bowden, 2009; Van   

Doorn et al., 2010; Brodie     

et al., 2013; Kunz et al.,      

2017; Casaló et al., 2007) 

1) I think i will continue my relationship        

with my online bank in the next 12        

months (E1) 

2) I will recommend to use online       

banking to other people (E2) 

3) I will point out the positive aspects of         

my online banking if anybody criticizes      

it (E3) 

4) I would not stop my relationship with        

my online bank if it makes any mistakes        

(E4) 

 

Appendix 2: France Cronbach’s alpha table  

Variable Cronbach’s Alpha Number of Items Item deleted 

PBBD 0.861 4  

OBT 0.824 4  

PS 0.638 3 PS2 

PI 0.545 4  

T 0.899 4  

R 0.853 4  

OPC 0.627 3 OPC1 

C 0.798 4  

UA 0.605 3 UA4 

TRU 0.808 4  

E 0.794 4  
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Appendix 3: Bangladesh Cronbach’s alpha table  

Variable Cronbach’s Alpha Number of Items  Item deleted 

PBBD 0.893 4  

OBT 0.814 4  

PS 0.689 3 PS2 

PI 0.547 4  

T 0.905 4  

R 0.900 4  

OPC 0.719 3 OPC1 

C 0.890 4  

UA 0.780 3 UA4 

TRU 0.849 4  

E 0.829 4  

 

Appendix 4: Combination of Bangladesh and France (Cronbach’s Alpha) 

Variable Cronbach’s Alpha Number of Items  Item deleted 

PBBD 0.885 4  

OBT 0.818 4  

PS 0.676 3 PS2 

PI 0.545 4  

T 0.902 4  

R 0.882 4  

OPC 0.692 3 OPC1 

C 0.858 4  

UA 0.725 3 UA4 

TRU 0.828 4  

E 0.810 4  
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Appendix 5: Total correlation (France + Bangladesh) 

  OPC PBBD OBT PS PI T R C A TRU E 

OPC 1 ,279** 0,010 0,063 0,090 ,593** ,330** ,396** ,559** ,292** ,321** 

PBBD ,279** 1 ,445** ,417** ,298** ,247** ,442** ,217** ,388** ,473** ,431** 

OBT 0,010 ,445** 1 ,491** ,424** 0,001 ,373** ,163* ,240** ,361** ,313** 

PS 0,063 ,417** ,491** 1 ,469** 0,032 ,321** ,145* ,144** ,358** ,300** 

PI 0,090 ,298** ,424** ,469** 1 0,124 ,317** 0,110 ,182** ,438** ,394** 

T ,593** ,247** 0,001 0,032 0,124 1 ,308** ,291** ,525** ,286** ,324** 

R ,330** ,442** ,373** ,321** ,317** ,308** 1 ,242** ,388** ,436** ,352** 

C ,396** ,217** ,163* ,145* 0,110 ,291** ,242** 1 ,448** ,196** ,282** 

UA ,559** ,388** ,240** ,144* ,182** ,525** ,388** ,448** 1 ,322** ,320** 

TRU ,292** ,473** ,361** ,358** ,438** ,286** ,436** ,196** ,322** 1 ,772** 

E ,321** ,431** ,313** ,300** ,394** ,324** ,352** ,282** ,320** ,772** 1 

**Correlation significant at the 0.01 level (two-tailed). 

*Correlation significant at the  0.05 level (two-tailed).  

Table 5: Correlation France + Bangladesh 
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Appendix 6: Multiple regression Bangladesh + France 

Variables Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model X 

CONTROL 

VARIABLES 

        

Gender -.146(.136)

* 

-.158(.130)* .-145(.136)* -.154(.136)* -.148(.135)* -.065(.112) -.094(.131) -.068(.113) 

Age .126(.116) .158(.111)* .127(.116) .136(.116) .154(.117) .104(.094) .145(.110) .125(.094) 

Occupation .030(.110) -.001(.106) .030(.110) .025(.110) .014(.110) .006(.090) -.007(.110) -.020(.089) 

Education .048(.084) .014(.081) .048(.084) .052(.084) .046(.084) .024(.069) .033(.080) .006(.068) 

         

Independent 

Variables 

        

PBBD  .290(.050)**      .145(.052)** 

OBT   .011(.051)     -.112(.052) 

PS    .096(.054)    .015(.054) 

PI     .121(.070)   .004(.067) 

T      .573(.047)**  .496(.050)** 

R       .309(.063)** .135(.064)** 

R2 .050 .132 .051 .059 .065 .370 .143 .409 

Adjusted R2 .034 .114 .030 .039 .045 .357 .125 .383 

Change in R2 .050 .082 .000 .009 .014 .320 .092 .359 

St.Error of 

Estimate 

1.07627 1.03103 1.07850 1.07348 1.07051 .87836 1.2474 .86023 

F-Value 3.119 7.134** 2.491 2.953 3.229 27.513** 7.798** 15.839** 

Dependant Variable: Online Privacy Concerns. Standard error is presented within parenthesis next to the unstandardized Beta of each independent                   

variable. *Correlation significant at 0.05 level; **Correlation significant at 0.01 level. 

Table 8. Combination of Bangladeshi and French: multiple regression analysis (RQ1) 
Appendix 7: Multiple regression + Moderation analysis for Bangladesh and France (Trust) 

Variables Model 8 Model 9 Model 10 Model 11 
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CONTROL VARIABLES     

Gender -.022(.142) .022(.137) .049(.136) .096(.134) 

Age -.061(.121) -.099(.116) -.107(.116) -.104(.115) 

Occupation .054(.115) .045(.110) .021(.111) .019(.108) 

Education .045(.088) .030(.084) .044(.084) .030(.082) 

     

Independent V.     

OPC  .305(.065)** .615(.205)** .520(.209)* 

Moderator V.     

C   -.076(.043)  

UA    -.071(.040) 

R2 .004 .092 .112 .142 

Adjusted R2 -.013 .073 .104 .135 

Change in R2 .004 .088 .215 .073 

St. Error of Estimate 1.12220 1.07368 1.1378 1.0982 

F-Value .226 4.741 4.1579 5.5007 

Dependant Variable: Trust. Standard error is presented within parenthesis next to the unstandardized Beta of each independent variable.                  

**Correlation significant at 0.01 level. *Correlation significant at 0.05 level 

Table 11. Combination France +Bangladesh 
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Appendix 8: Multiple regression + Moderation analysis for France and Bangladesh           

(Engagement) 

Variables Model 12 Model 13 Model 14 Model 15 

CONTROL 

VARIABLES 

    

Gender .008(.147) .059(.140) .146(.137) .179(.138) 

Age -.123(.125) -.167(.118)* -.203(.117) -.225(.118) 

Occupation .001(.119) -.010(.112) -.073(.112) -.046(.111) 

Education .111(.091) .094(.086) .128(.084) .117(0084) 

     

Independent V.     

OPC  .352(.066)** .547(.207)** .419(.215) 

Moderator V.     

C   -.056(.043)  

UA    -.036(.042) 

R2 .019 .137 .174 .174 

Adjusted R2 .002 .118 .167 .167 

Change in R2 .019 .117 .057 .057 

St. Error of Estimate 1.16488 1.09532 1.1579 1.1574 

F-Value 1.149 7.399 6.9701 6.9854 

Dependant Variable: Engagement. Standard error is presented within parenthesis next to the unstandardized Beta of each independent variable.                  

*Correlation significant at 0.05 level. **Correlation significant at 0.01 level 

Table 14. Combination France + Bangladesh 
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