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Abstract 
 

This paper uses the Dutch panel data from LISS, Longitudinal Internet Studies for the 

Social Science in trying to establish if a relationship between individuals’ risk 

propensity and job search activity is present. When looking at employed and 

unemployed job seekers jointly, a positive significant relationship is present. Looking at 

these groups separately shows that the relationship is driven by employed job seekers. 

No relationship for unemployed job seekers can be identified when being looked at 

separate. However, when taking into account possible biases from changes in risk 

propensity over time as well as the classification of actively searching individuals, no 

relationship is present at all. We hence are cautious towards the significant estimates 

received that potentially could suffer from biases. Further studies should be made with a 

bigger sample of individuals and a continuously updated measure of risk propensity to 

minimizing potential bias.  
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1 Introduction 
 

The objective of this paper is to establish if there is some relation between the 

individuals’ propensity to take risk and their search activity when looking for jobs. Do 

individuals’ propensity to take risks affect their job search activity? To explore the 

potential relationship between risk propensity and job search we use standard 

econometric method (OLS) on a Dutch panel data, the Longitudinal Internet Studies for 

the Social Science (LISS). This data is particularly adapted to our research question 

since Dutch citizens were asked to describe the type of job search as well as their 

attitude towards risk.  

 

The motivation for analyzing if such a relationship is present could be that such a 

realization of relationship would yield possibilities for policymakers to easier identify 

individuals that perhaps needs extra assistance in their job search. It could perhaps lead 

to more actively searching individuals, shorter and more effective job searching periods, 

which could be proven beneficial to the whole society, both economically as well as to 

individuals own well being. 

 

Research of the direct relation between search activity and risk propensity remains 

scarce. No theory is established and ready to be tested, forcing us to develop our own 

theoretical framework. Using a mix of theories on job search as well as risk attitude and 

risk aversion we propose a theory on a relationship between job search activity and risk 

propensity, with our research question being as following: 

 

Can we see any relations between individuals’ risk propensity and in their activity in 

job search in our sample? 

 

This thesis is structured in the following way. Section 2 reviewing past literature on the 

subject. Section 3 develops a conceptual framework. Section 4 presents and describes 

the data used. Section 5 presents the methodological approach. Section 6 presents the 

results. Section 7 discusses the presented results. Finally, section 8 gives a conclusion to 

this thesis.  
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2 Literature Review 
 

Basic job search theory suggests unemployed individuals will search for job offers until 

they find an offer good enough to give them high enough satisfaction. The satisfaction 

level is based on the individual’s own reservation wage. The economic challenge for the 

individual searching is to set his or her reservation wage. On one hand, a high 

reservation wage would lead to a longer expected search before finding an offer 

acceptable. On the other hand, once finding an offer, this offer will yield higher 

subsequent earnings (McCall 1970). 

 

According to Mortensen (1970)  the optimal level of this acceptance wage, i.e the 

reservation wage, is the wage which equals the value of the time spent searching with 

the present value of future benefit connected to search.  

 

Risk aversion has been seen to affect an individuals’ job search duration. Intuitively an 

unemployed individual’s reservation wage is ought to be negatively related to risk 

aversion. Impatience to receive earnings implying more risk averse individuals to set a 

lower reservation wage, hence intuitively shortening unemployment periods as a 

consequence (Cox & Oaxaca 1989). This intuition or hypothesis was shown to be 

confirmed by early experimental evidence by Cox and Oaxaca (1992).  

 

Nicholson et al. (2002) show the close relationship between individuals’ personality 

traits and risk propensity. Sex and age are shown to be highly influential to risk 

propensity.  Risk behavior is found by the authors to be patterned. Some individuals are 

likely to be consistently risk takers, others will be consistently risk averse, while a third 

group will show domain-specific patterns of risk behavior. For example, a finance trader 

might differ between domains in the sense that he might take risks routinely at work but 

avoid risk when making personal finance choices. They argues that the theoretical 

framework that aims to predict risk propensity needs to be aware of the domain-specific 

natures.  

 

Cable & Judge (1994) show that risk averse job seekers showed less emphasis on the 

level of pay as a criterion when searching. They also suggest that it may indicate that 

individuals that are more risk averse may be willing to sacrifice a higher pay level to 

achieve fixed pay. 
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Bachmann & Baumgarten (2013) find that individual characteristics play an important 

role in search intensity and behavior. They show that individuals with higher skills and 

still fairly young have a higher search intensity compared to others. Additionally, 

household characteristics are also found to be an important factor in search intensity and 

behavior. For unemployed women, the relationship between search intensity and 

household characteristics were in general negative.  

 

Schunk & Winter (2009) is perhaps the closest to the aim of this paper in their analysis. 

They tried to see if there was some relationship between individuals risk propensity and 

their search behavior, here more specific the actual length of search. They find that there 

are substantial differences in individuals search length, but these differences could not 

be related to the individuals’ risk propensity, a bit on the contrary to what Cox and 

Oaxaca (1989) earlier suggested.  

 

A possible relation between an individuals’ propensity towards risk and their activity in 

job search is however absent to my knowledge.  

 

3 Conceptual framework 
 

Though some ideas in the past empirical literature are brought forward, formal models 

on the relationship between risk propensity and activity in job search are scarce or even 

non-existing. To be able to conduct the analysis of the relationship we have to develop a 

theoretical framework that we can use. 

 

As an area alone, individuals job search is well-researched and many theories are 

presented. The importance of job search behavior to reemployment among unemployed 

for example has been developed in a large body of research. (Hooft, 2004)  

Researches have been investigating the different predictors on the behavior of 

individuals job searching. Some work in the past with focus on these predictors is Kulik 

(2000), Lay & Brokenshire, (1997), Taris, Heesink & Feij, (1995), Wanberg, Kanfer & 

Banas, (2000); Wanberg, Kanfer & Rotundo, (1999) and Pissarides (1984) to mention a 

few. Job search for both employed as well as unemployed individuals have been 

investigated, often separately.  
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Here we will start of by jointly using both employed job searchers as well as 

unemployed job searchers. Intuitively the two groups will be different in their behavior 

of search and we will, like most other works in the past, separate the two later on when 

possible to investigate if the expectations of differences are accurate in relation to risk 

propensity as well. Reasons for not only running the analysis separately is mainly that 

we are interested in how risk propensity relates to individuals job search in general, not 

being dependent on whether the individuals are employed or unemployed at the time.  

 

However, as stated, we will also separate the two groups to see if we can spot any 

differences in the relationship between risk propensity and job search activity when 

individuals are employed versus unemployed when searching? It will be very clearly 

stated when the regressions are done on the whole sample or if we are separating the 

two groups. 

 

Hooft et al. (2004), finds that even though some of the fundamentals on job search 

between employed and unemployed individuals differ, a similar framework can be used 

to describe how job search attitude, subjective norms, and job search intentions are 

important predictors of job search behavior among a wide range of employed and 

unemployed individuals. 

 

Part of this framework is Ajzen (1985) extension of the, at the time, already existing 

theory on job search, TRA, Theory of Reasoned Actions, to instead TPB, Theory of 

Planned Behavior. This extension included the concept of perceived behavioral control. 

The theory suggests that individuals would be more likely to form job search incentives 

if they are more confident that they will be able to perform the job search activities 

successfully. (Hooft et al. 2004) This theory has been supported by both Van Ryn and 

Vinokur (1992) and Caska (1998). 

 

Michael Siegrist (2005) finds that there is a relationship between individuals’ attitudes 

towards risk and individuals’ confidence and trust. This establishes a connection 

between the TPB to the concept of risk aversion. Citing from their results: 

– “Both general trust and general confidence negatively correlated with risks perceived. 

People showing high levels of general trust and confidence judged the risks to be lower 

than people with lower levels of general trust and confidence.” –  
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If above is the case, we have possibly found a link that could be tested between 

individuals’ risk propensity and job search activity.  

 

Michael Siegrist (2005) finds that less risk averse individuals also are showing a greater 

amount of confidence. These same individuals would by theory according to Ajzen 

(1985), due to their higher levels of confidence, have formed bigger job search 

incentives. With bigger job search incentives, a more active searching would be an 

intuitively logical next step, at least under the assumption that it is only the individuals 

own motivation to search that determines the searching activity. 

 

This gives us a pieced together theory and motivates a question of interest.  

 

Can we see any relations between individuals’ risk propensity and in their activity in 

job search in our sample? 

 

However, before beginning the analysis to search for the answer, we have to make some 

clear clarifications on the conceptual level. This kind of research, looking for a possible 

direct relationship between individuals’ risk propensity and their activity in job search 

are seemingly unaccomplished in the past, leaving us with little references to guide us, 

making it even more important to provide a clear conceptual framework. 

 

At first, we have some crucial acknowledgment to make. Time spent searching is not 

taken into account in this analysis. A factor that could be of importance in establishing 

activity for an individual. This is, unfortunately, something not possible to include given 

the data available to us.  

 

Search costs are also something neglected in the analysis. Different search costs for 

individuals should make us expect different levels of activity in their job search. If for 

example individual A facing much higher search costs then individual B, but still 

according to my criteria, searching as actively as individual B, individual A could be 

argued to actually be seen as relatively more active then individual B. This is a factor 

also not possible to include given our data. 
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Control variables with proven relationship to both risk propensity as well as job search 

activity will be included in the analysis. Such characteristics could be gender, age or 

educational attainment. Sverko et al. (2008) suggest that males may be more persistent 

in their job search, coming from the traditional role of breadwinners. Moreover, older 

people could be expected to encounter more factors that may hinder their job searches, 

such as health and lack of up to date skills. Better educated individuals may be more 

confident that their job search will be successful and therefore influencing their search 

behavior. These exact variables are also showed to be related to the individual risk 

propensity by for example Hartog et al. (2002), even further underlines the interest in 

including them. 

 

4 Data 
 

4.1 Data source and data selection 

 

The panel data used in this paper are coming from the Dutch LISS, Longitudinal 

Internet Studies for the Social Science. Individuals included in the panel complete 

different online surveys each month. The start of the LISS panel was the year of 2007. 

The LISS panel data are available and free to browse for all individuals that have signed 

a statement of purpose.  

 

The survey is made in waves. Each year, members of the panel are answering the LISS 

Core Study, a part of the panel that asks the same exact questions every year and that is 

repeatedly answered by members, designed to track changes over a lifetime in those 

particular questions.  

 

I have used a part of the LISS Core Study, where the Work of Schooling questionnaire is 

included and asking, “In what way have you been seeking work over the past two 

months?”  

 

Answers are of categorical type and consists of the alternatives responded to job 

vacancies, placed personal advertisements, personally inquired at employers, through 

friends and relations, through job agencies, placed/updated CV on the internet, actively 

engaged with job coach, tracked job vacancy adverts, in another way and I did not seek 

work over the past two months. 
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In total, for the waves between 2008-2018, the sample consisted of 14 004 unique 

individuals answering on the questionnaire Work of Schooling. Many of them, however, 

did not answer the question “In what way have you been seeking work over the past two 

months?” in either of the waves. When removing all individuals not having answered 

the question in any of the waves we delete a total of 10 457 individuals, leaving us with 

the remaining 3 547 individuals in the sample. All these individuals, have in at least one 

of the waves, answered the question “In what way have you been seeking work over the 

past two months?”. 

 

But, for the individuals to be included in the analysis they must also have answered a 

question on their risk propensity. The question on risk propensity is asked in a single 

survey in the year of 2010 and is not part of the LISS Core study, in other words, not 

asked repeatedly.  

 

I use the answers to the question asked, “Are you generally a person who is fully 

prepared to take risks or do you try to avoid taking risks?”. When removing all 

individuals still in our sample, failing to have answered this question, we are left with 

our final sample of 680 individuals.  

 

Those are the 680 individuals that will make out or research, they have both answered 

on how they searched work for the past two months as well as they have answered the 

question about their risk propensity.  

 

Two crucial main components, making out the core of the analysis are identified. 

 

The first main component of this analysis is to be able to sort the individuals into a 

group of actively searching and one group in reference that is not. This is to be able to 

compare the two groups based on their risk propensity, which is the main aim of the 

analysis. With the paper depending heavily on the individual’s placement into the two 

groups, the grouping process itself is of great importance. The process is done 

accordingly.  

 

Individuals are being placed in the group of actively job searching individuals, if they 

have been using at least one of the following ways of searching, hiring a job agent, 
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searching via job agencies, personal inquired at employers or placed personal 

advertising.  

 

The second main component identified is the measure of individuals’ risk propensity. 

We have used individuals’ answers on a question about how willing they are to take 

risks, on a scale of 0 to 10. A measure of risk propensity, that lately has experienced an 

increased in recognition of validity.1 

 

4.2 Data description 

 

Table 1. Tabulation of individuals answers on risk propensity. 

  

Are you generally a person who is fully prepared to 
take risks or do you try to 

Male 

 
0 

 
1 

 
Total 

highly risk averse 7 7 14 

1 13 6 19 

2 28 23 51 

3 48 31 79 

4 51 24 75 

5 73 37 110 

6 64 42 106 

7 68 65 133 

8 31 38 69 

9 10 6 16 

fully prepared to take risks 3 5 8 

 
Total 

 
396 

 
284 

 
680 

 

Source: LISS (2010). Own calculations.  

 

Individuals answered the following way on the question of their risk propensity. We are 

able to track each individual and the number on the 0 to 10 scale they chose. Low 

numbers suggest a more risk averse individual, meanwhile a high number implies the 

individual is more prepared to take risks. Males and females are separated here using 

the dummy variable to provide a view of both. Just by looking at Table 1 we see that 

male answers are more skewed towards being fully prepared to take risks than female 

answers.  

                                              
1 More on the expected validity of the identified two main components and their 

measures later on. 
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Table 2. Descriptive statistics on job searching methods. 

 

Variable Obs Mean Std.Dev. Min Max 

JobVacancies 680 .251 .434 0 1 

PersonalAdv 680 .006 .077 0 1 

PersInqEmp 680 .112 .315 0 1 

FriendsRelations 680 .165 .371 0 1 

JobAgencies 680 .066 .249 0 1 

TempAgencies 680 .101 .302 0 1 

CVInternet 680 .168 .374 0 1 

JobCoach 680 .029 .169 0 1 

JobVacancyAdv 680 .254 .436 0 1 

Another 680 .081 .273 0 1 

DidNotSeek 680 .11 .313 0 1 

 

 

Source: LISS (2008-2018). Own calculations.  

 

Table 2 shows us descriptive statistics on job searching activities. There are 11 different 

answer alternatives presented. The alternatives are responding to job vacancies, placed 

personal advertisements, personally inquired at employers, through family and friends 

through,  job agencies (UWV), through temp-staffing agencies, placed/updated CV on 

the internet, active accompaniment by job coach, tracked job vacancy adverts, in 

another way or I did not seek work over the past two months. Table 2 above, is showing 

mean as well as the standard deviation of each of the dummy variables representing the 

search method. By looking at the means, searching through tracking job vacancy 

adverts is seemingly the most usual way of searching for jobs, about 25% of the job 

searchers used it at least ones. Placing personal advertisements is the method of 

searching least used in our sample. 11% of the individuals did not search for work at all 

at least ones. 

 

Table 3. Tabulation of dummy variable Activei. 

 

Active Freq. Percent Cum. 

0 565 83.09 83.09 

1 115 16.91 100.00 

 

 

Source: LISS (2008-2018). Own calculations. 
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Looking in Table 3 we see two groups derived from Table 2. One group of actively 

searching individuals and one that is not. Based on the job searching answers 

individuals are given a =1 or a 0 in the dummy Activei. Individuals having answered that 

they have used at least one of the following job search methods, hiring a job agent, 

searching via job agencies, personal inquired at employers or placed personal 

advertising have received a 1 in the dummy Activei. 115 of the 680 individuals have 

been classified into being actively searching for jobs, in at least one of the 11 waves.  

 

Table 4. Tabulation of dummy variable EmployedSearchi. 

 

EmployedSearch Freq. Percent Cum. 

0 308 45.29 45.29 

1 372 54.71 100.00 

 

 

Source: LISS (2008-2018). Own calculations. 

 

In Table 4 above, we show the proportion of individuals being employed when 

searching for jobs as well as those who are unemployed when searching. Individuals 

receiving a =1 in the dummy EmployedSearchi are employed when searching for jobs. 

372 out of the 680 individuals in total were employed when searching, at least ones. 308 

was unemployed every time they searched.   

 

Table 5. Descriptive statistics on control variables used. 

 

Variable Obs Mean Std.Dev. Min Max 

Male 680 .418 .494 0 1 

Young 680 .232 .423 0 1 

MiddleAge 680 .451 .498 0 1 

Old 680 .304 .46 0 1 

Married 680 .415 .493 0 1 

Divorced 680 .103 .304 0 1 

Dutch 680 .812 .391 0 1 

WesternBackground 680 .081 .273 0 1 

NonWesternBackground 680 .079 .271 0 1 

PrimarySchool 680 .063 .244 0 1 

HigherSecond 680 .188 .391 0 1 

University 680 .106 .308 0 1 
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Source: LISS (2008-2018). Own calculations. 

 

Table 5 provides some descriptive statistics of the selected control variables used in the 

analysis. Our sample contains a larger of women as signaled by the mean of the dummy 

Malei. Most observations are classified as being middle aged, about 45%. MiddleAgei is 

individuals between the age of above 25 and below or equal to 50. Almost half of the 

observations are married. The absolute majority of the observations have an origin of 

Dutch, 81%. Higher secondary school is the most common level of the highest 

education with a diploma, about 19% of the observations in the sample. 

 

5 Methodological framework 
 

Here we will go through the different stages of the analysis in more empirical depth. All 

stages are analyzed through running an OLS, Ordinary Least Square regressions.  

  

5.1 First stage  

 

We start of by running an OLS regression (1) with the dependent variable being Activei 

with the independent variable RiskAttitudei together with the additional control variables 

motivated by Sverko et al. (2008) and Hartog et al. (2002) as stated earlier. Inclusion of 

these control variables should help us to better estimate the true effect of risk propensity 

on the likelihood of being actively searching for jobs.  Our regression equation looks as 

following: 

 

 (1) Activei = α + β1RiskAttitudei + β2Malei + β3Agei + 

β4Marriedi + β5Divorcedi + β6Dutchi + β7WesternBackgroundi + 

β8NonWesternBackgroundi + β9PrimarySchooli + β10HigherSecondi + β11Universityi 

 

In regression (1) we estimate the relation between being actively searching as an 

individual and the risk propensity for employed and unemployed jointly. Our sample 

size is 680.  

 

Activei is a dummy variable created from the categorical answers on the survey question 

about individuals job searching. As stated before, if individuals have been using at least 

one of the following ways of searching, hiring a job agent, searching via job agencies, 
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personal inquired at employers or placed personal advertising, they are being classified 

as being actively searching for jobs and the dummy variable Activei, =1, 0 otherwise, 

meaning they have not been actively searching by my criteria. The independent variable 

RiskAttitudei is the discrete numerical measure of individuals risk propensity. The range 

is 1-10 with 1 being most risk averse and 10 most willing to take a risk.  

 

Malei is a dummy =1 if the individual is of the gender male, females equal 0. Agei is a 

continuous numerical variable measuring individuals age. Marriedi is a dummy =1 if the 

individual is married, 0 otherwise. Divorcedi is a dummy =1 if the individual is 

divorced, 0 otherwise. We also control for origin. If an individuals origin is Dutch, 

Dutchi is a dummy =1, 0 otherwise. WesternBackgroundi is a dummy =1 if the 

individual is a first generation foreign with western origin, 0 otherwise. 

NonWesternBackgroundi is a dummy =1 if the individual is a first generation foreign 

with non-western background, 0 otherwise. We control for educational attainment as 

well. PrimarySchooli is a dummy =1 if the highest education with a diploma for an 

individual is primary school, 0 otherwise. HigherSecondi is a dummy =1 if the highest 

education with a diploma for an individual is higher secondary school, also called senior 

high school in the US, 0 otherwise. Universityi is a dummy =1 if the highest education 

with a diploma for an individual is university, 0 otherwise.  

 

The reference group is here all individuals that in neither of the waves were classified as 

actively searching. They could have been searching, even though not actively, or not 

been searching at all.   

 

Next step, we use a dummy denoted EmployedSearchi to control for and separate 

employed searchers from unemployed searchers. EmployedSearchi  =1, indicates an 

individual was employed when searching for additional or other jobs, 0 otherwise, 

indicating the individual was unemployed when searching. 

 

Two new and separate regressions are estimated. The regression equations look 

precisely as (1), the difference is that one is estimated only on employed job seekers (2) 

and one on only unemployed job seekers (3). Our sample size in the regression for 

employed job seekers reaches 372. For unemployed job seekers 308. 



  
 

13 

However, we encounter the possibility of experiencing different biases during this stage, 

both when analyzing employed and unemployed job seekers jointly as well as separate. 

First of all, we have a potential bias coming from the fact that individual risk attitude is 

only measured in the year of 2010. The question about job search is asked repeatedly 

during the years of 2008-2018. This enables individuals to have been experiencing a 

change in risk propensity over time. This would lead us to potentially suffer bias in our 

results.  

 

Further, we also identify a potential bias as a consequence of my classification. The 

individuals could have been searching for jobs in more than one wave. Let’s think of an 

individual that has been searching for jobs in five different waves of the survey. If the 

individual was categorized as actively searching in only one of these five waves he or 

she would be categorized as actively searching for jobs in general and given a =1 in the 

dummy Activei, even though the majority of time he or she searched, it was not actually 

actively according to my criteria of active job search. This is obviously something that 

could bias our results with too many individuals classified as being actively searching. 

 

These potential biases are what the following additional two stages will try to control 

for. 

 

5.2 Second stage 

 

In the second stage, we want to counter the possible bias in stage one resulting from a 

change in risk propensity over time. In the search for this estimate, we use the fact that 

the individuals’ risk propensity is measured in the year 2010 only. We hence exclude all 

waves of answers that individuals gave on the question on job search except for the year 

of 2010. This leaves us with a sample only consisting of individuals having answered 

the question about their job search as well as having answered the question on risk 

propensity, in the year 2010. We start off by running a pure cross-sectional analysis on 

the individuals belonging to the actively searching group and regressing on their risk 

propensity. We do not include any control variables at this stage. We estimates the 

relation between actively searching individuals and their attitude towards risk. 

 

(1) ActiveOnly2010i = α + β1RiskAttitudei  + εi 
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ActiveOnly2010i is a dummy variable created from the categorical answers on the 

survey question about individuals job searching. As stated before, if individuals have 

been using at least one of the following ways of searching, hiring a job agent, searching 

via job agencies, personal inquired at employers or placed personal advertising, in the 

year of 2010, they are being classified as being actively searching for jobs and the 

dummy variable ActiveOnly2010i =1, 0 otherwise, meaning they have not been actively 

searching by my criteria. The independent variable RiskAttitudei is the discrete 

numerical measure of individuals risk propensity. The range is 1-10 with 1 being most 

risk averse and 10 most willing to take risks.  

 

Due to the fact we decreased our sample size by only including the answers in year 

2010, we do not have the possibility to separate the employed and unemployed job 

seekers in this stage without risking bias. Two potential problems that could arise are a) 

significance is difficult to achieve and b) representativeness of the small sample. There 

could still be a relationship but due to the decrease of statistical power, we might be 

unable to detect it. Further, a small sample risking to be less representative of the whole 

population. Our sample size in regression (1) when jointly analyzing employed and 

unemployed job seekers are 223 observations. 

 

In this second stage, the reference group currently consists of a mix of individuals that 

in the year 2010 have been searching, even though not actively, as well as individuals 

that have not been searching at all in the year 2010.  

 

5.3 Third stage 

 

We here counter the possible source of bias that an individual is being classified as 

actively searching even though he or she was only active in for example one out of five 

search periods. 

 

The dummy variable MajorityActivei is created. This dummy varaible is derived from 

the shares of active searches agains the total amount of searches an individual have 

made. Individuals having a share of active searches above .6 is classified as being active 

in the majority of searches resulting in MajorityActivei =1, 0 otherwise. Following 

regression is estimated 
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 (1)  MajorityActivei = α + β1RiskAttitudei + β2Malei + β3Agei + 

β4Marriedi + β5Divorcedi + β6Dutchi + β7WesternBackgroundi + 

β8NonWesternBackgroundi + β9PrimarySchooli + β10HigherSecondi + β11Universityi 

 

We estimate the relations between individual risk propensity and the likelihood of being 

actively searching in the majority of times searching for jobs. No potential bias as a 

consequence of too many individuals being classified as actively searching should be 

present here. 

 

5.4 Control regressions 

 

This last stage is not part of the core analysis. In this stage, we have instead gathered a 

number of regressions that aims to verify our two main components used in our 

analysis, risk propensity and the classification of actively searching individuals. 

Estimates in line with theories would strengthen our belief that our components are of 

value as well as signaling our inclusion of the control variables brings value to the 

analysis. 

 

The following regressions are estimated to control against previous theories on risk 

propensity. 

 

 (1) RiskAttitudei = α + β1Youngi + εi 

 (2) RiskAttitudei = α + β1MiddleAgei + εi 

 (3) RiskAttitudei = α + β1Oldi + εi 

 

We here control the relation between individual age and their propensity of risk. To 

control the gender dummy we estimate the following regression. 

  

 (1) RiskAttitudei = α + β1Malei +εi 

 

Further, we also want to check the grouping of individuals through the dummy Activei. 

If we also could find some estimates in line with expectations here, it would increase 

our confidence of a correctly derived group. We estimate the dummies for educational 

levels in regression on the group of active individuals, comparing to past theories.  
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 (1) Activei = α + β1PrimarySchooli + β2HigherSecondi + 

β3Universityi + εi 

 

We finish our controls in stage four by estimating the regression below. 

 

 (1) Activei = α + β1EmployedSearchi +εi 

 

Here using the dummy EmployedSearchi to investigate differences in the likelihood of 

employed and unemployed job searchers seeking actively or not. Comparing results to 

past theories. 
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6  Results 
 

6.1 First Stage 

 

Table 6. Regression on Activei using RiskAttitudei as the independent variable with 

control variables. 

 (1) (2) (3) 

VARIABLES Active Active Employed Active Unemployed 

    

RiskAttitude 0.0137** 0.0188** 0.0101 

 (0.00665) (0.00786) (0.0111) 

Male 0.0245 0.0179 0.0412 

 (0.0302) (0.0360) (0.0535) 

Age -0.00116 -0.000850 -0.00248 

 (0.00122) (0.00159) (0.00205) 

Married 0.0212 0.0550 -0.0147 

 (0.0361) (0.0426) (0.0660) 

Divorced 0.0412 0.00462 0.0654 

 (0.0569) (0.0690) (0.0936) 

Dutch -0.0728 -0.000508 -0.193 

 (0.105) (0.113) (0.182) 

WesternBackground -0.222** -0.154 -0.343* 

 (0.107) (0.112) (0.188) 

NonWesternBackground -0.126 -0.0146 -0.286 

 (0.112) (0.127) (0.190) 

PrimarySchool -0.0475 0.0160 -0.124 

 (0.0618) (0.108) (0.0814) 

HigherSecond -0.0807** -0.0832** -0.0839 

 (0.0355) (0.0400) (0.0632) 

University 0.0213 0.0446 -0.00182 

 (0.0505) (0.0658) (0.0857) 

Constant 0.224* 0.0619 0.483** 

 (0.123) (0.143) (0.200) 

    

Observations 680 372 308 

R-squared 0.029 0.042 0.042 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

 

 

Source: Data collected from LISS (2008-2018) 

 

The regression (1) above in Table 10 is having the group of individuals that in at least 

one of the waves have been classified as actively searching for jobs, receiving a =1 in 

the dummy variable Activei , as the dependent variable. Included in this regression now 

is also a number of control variables specified in the previous chapter. Looking at the 
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estimates, we identify the coefficient of the dummy variable RiskAttitudei being positive 

and significant on a 5% significance level. This should be interpreted as individuals 

being willing to take more risk is more likely to be actively searching for jobs. Further, 

first generations foreign with western background have a significant negative estimate 

towards Activei. This would suggest individuals being first generations foreign with a 

western background, are significantly less likely to be actively searching for jobs. 

Although, this estimate should be approached cautiously given the small number of 

observations with a western background in our sample. The dummy variable 

HigherSecondi also shows a negative significant relationship towards being actively 

searching for jobs. Individuals with their highest diploma received in higher secondary 

school should be less likely to be searching actively.  

 

Further, we separate the two groups, employed and unemployed job searchers. Running 

the exact same regression as (1) but this time only for employed job searchers (2). This 

also resulted in a positive and significant estimate from risk propensity. Implying 

individuals already employed while seeking more or other work, were significantly 

more likely to be actively searching if they showed greater willingness to take on risk. 

This relationship was however not the case for unemployed job searchers (3) when 

separated, showing no sign of significant relations between risk propensity and actively 

being searching. 

 

6.2 Second Stage 

 

In Table 7 we estimated a raw relation between risk propensity and being actively 

searching for jobs. Here we aimed to control for the possible bias in the first stage 

resulting from a change in risk propensity over time for individuals. Therefore, we here 

used only the answers for the year of 2010 when it came to the individual’s way of 

searching for jobs. Given the risk attitude question is asked in the year 2010 only, we 

should have minimized the bias that could occur due to a change in risk propensity.    

 

The results are presented in Table 7 shows no significant relationship between 

individual risk propensity and being actively searching in the year of 2010. This is 

contradicting to previous findings in stage one when including all answer waves. 
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Table 7. Regression on ActiveOnly2010i using RiskAttitudei as the independent variable. 

 

 (1) 

VARIABLES ActiveOnly2010 

  

RiskAttitude -0.0144 

 (0.0159) 

Constant 0.459*** 

 (0.0923) 

  

Observations 223 

R-squared 0.004 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

 

Source: Data collected from LISS (2010) 

 

 

6.3 Third Stage 

 

In Table 8 we will present the results from the three regressions performed in the third 

and final stage of our core analysis. Aiming to counter the potential bias in stage one 

resulting from too many individuals being classified as actively searching.  

 

We here receive no significant estimates on our RiskAttitudei variable. Neither when 

looking at employed and unemployed job seekers jointly or separately. This is 

contradicting to the findings in stage one but in line with the estimate in our second 

stage.  

 

The dummy variable Malei were estimated to have a weak positive significance in 

regression (1) as well as in regression (3). This implies males are more likely to be 

actively searching in the majority of times than females. At least when looking at 

employed and unemployed job seekers jointly as in (1) and for unemployed when 

separated as in (3). HigherSecondi showed a strongly significant negative relation 

towards being searching actively the majority of times in both regression (1) and (2), 

implying individuals with a diploma in higher secondary school as their highest 

received, are less likely to be actively searching in the majority of times. Further, 

divorced showed, when looking at unemployed job seekers separate as in (3), a 

significant positive relationship on the 10% significance level towards being actively 

searching in the majority of times. 
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Table 8. Regression on MajorityActivei using RiskAttitudei as the independent variable 

with control variables. 

 

 (1) (2) (3) 

VARIABLES MajorityActive MajorityActive  

Employed 

MajorityActive  

Unemployed 

    

RiskAttitude 0.00815 0.0117 0.00631 

 (0.00775) (0.00988) (0.0121) 

Male 0.0657* 0.0431 0.0970* 

 (0.0344) (0.0429) (0.0577) 

Age 0.000515 9.48e-05 -0.000253 

 (0.00145) (0.00194) (0.00233) 

Married -0.0203 0.0410 -0.0871 

 (0.0425) (0.0530) (0.0725) 

Divorced 0.0975 0.000501 0.173* 

 (0.0683) (0.0861) (0.104) 

Dutch 0.0126 0.0541 -0.120 

 (0.111) (0.123) (0.180) 

WesternBackground -0.0723 -0.0376 -0.219 

 (0.120) (0.136) (0.193) 

NonWesternBackgrou

nd 

-0.0468 0.00888 -0.180 

 (0.122) (0.138) (0.194) 

PrimarySchool -0.0364 -0.0471 -0.0846 

 (0.0719) (0.112) (0.0970) 

HigherSecond -0.104** -0.130*** -0.0828 

 (0.0424) (0.0503) (0.0728) 

University -0.0348 -0.0281 -0.0394 

 (0.0549) (0.0700) (0.0933) 

Constant 0.182 0.0958 0.415** 

 (0.133) (0.161) (0.203) 

    

Observations 680 372 308 

R-squared 0.028 0.029 0.058 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

 

Source: Data collected from LISS (2008-2018) 
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6.4 Control Regressions 

 

Results of the control regressions on the risk propensity measure as well as the group of 

actively searching individuals using some control variables will be presented here.  

 

We start by focusing on evaluating the risk propensity variable, RiskAttitudei, starting 

off with dividing our individuals into three age groups. Youngi is a dummy =1 if the 

individual is below or equal to the age of 25, MiddleAgei is individuals between the age 

of above 25 and below or equal to 50, while Oldi is individual’s aged above 50. This is 

to be able to compare easier towards theory and to see if our estimates are in line with 

those.  

 

Running regression (1), (2) and (3), (see Appendix, Table 9), yielded significant 

estimates in two cases. Individuals categorized as young, received a significant positive 

relation towards risk propensity, implying young individuals to be more willing to take 

risk. Middle-aged individuals show a significant negative relation towards risk 

propensity, implying middle-aged individuals to be less willing to take risks. Estimates 

in both regression (1) as well as (2) in Table 9 are in line with theory, for example, 

Halek & Eisenhauer (2001) and Wang & Hanna (1997) with others. Old aged 

individuals did not show any significant relation towards risk propensity. 

 

Moreover, we control the gender dummy towards the risk measure (see Appendix, 

Table 10). Male showed a positive and significant coefficient towards risk propensity, 

implying men to be more willing to take risks than females. Well in line with theory 

from Hartog et al. (2002) for example. 

 

Now to the valuation of the dummy variable Activei. Could we strengthen our belief our 

individuals have been correctly placed in the group of actively searching or not? 

 

Table 11 shows the estimation results of the relationship between school attainment and 

being classified as actively searching for jobs (see Appendix, Table 11). Higher 

secondary school individuals showed a significant negative relation towards being 

active, implying individuals having higher secondary education as their highest level of 

education are less likely to be seeking for a job actively. Primary School and University 
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did not receive any significant estimates, however, signs of estimates in line with what 

theory by Riddell & Song (2011) as well as Weber & Mahringer (2008) would expect. 

 

Another control for the dummy Activei is done. Table 12 shows individuals being 

employed when searching for other or additional jobs have a significantly less 

likelihood of being classified as actively searching, compared to unemployed job 

searchers (see Appendix, Table 12). 

 

7 Discussion  
 

We start our discussion where we ended our results. Looking at our control regressions 

which goal was to help us validate our risk measure as well as the placement of 

individuals into the group of actively searching, two main components for the analysis 

to work. We used these regressions to check the estimates towards expectations from 

theory. As we mentioned earlier, estimates in line with theory would strengthen the 

belief that our measure of risk propensity as well as the grouping of active individuals is 

being accurate, which obviously is of great importance to the analysis.  

 

We start off with controlling the risk measure. The focus lies on those variables that by 

theory from Hartog et al. (2002) is expected to have some of the strongest relations 

towards risk propensity. Used here are gender and age. 

 

We start off with the dummy variables of the different age groups. We used three age 

groups in our analysis. Young, as well as middle-aged, showed significant estimates 

towards risk propensity. Young individuals showed to be more willing to take risk 

compared to the others. Middle-aged showed a significant negative relation to risk 

propensity, implying they are more risk averse than others. Old aged individuals could 

not show a significant relation to risk propensity. (see Appendix, Table 9) That we 

received no significance to our old age group could be due to a relatively small sample 

of old individuals or due to our boundaries of the different age groups. Just looking at 

our young and middle-aged individuals they show estimates towards risk propensity that 

are in line with old theory on the area. (Hartog et al. 2002) Younger individuals tend to 

be less risk averse than older people. Strengthening the belief of our risk propensity 

measures to be of value.  
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Further, the dummy variable Malei showed a positive significant estimate towards risk 

propensity (see Appendix, Table 10). This suggests that the male individuals in the 

sample used showed greater willingness to take risk compared to the females. This is 

also in line with previous research, for example, Borghans et al. (2009) along with 

Hartog et al. (2002) and others. 

 

On top of my own estimates being in line with expectations, a similar type of survey 

measures of propensity towards risk that we have used here, have been tested 

experimentally by Dohmen et al. (2005) and validated the measure to be accurate.  

 

We conclude we have a good measure of risk propensity.  

 

To investigate the relevance and strength of our categorization of individuals into 

actively searching or not, we did try to estimate the relation between the dummy Activei 

and some other variables that we could think of having a relation to it if referring to 

theory. Education level would by theory correlate with job search in the sense that 

highly educated individuals face a higher marginal cost of not working. These 

individuals would intuitively be willing to spend more resources to increase the 

probability to find a job according to Riddell & Song (2011) as well as Weber & 

Mahringer (2008). Finding signs of higher educated individuals showing a greater effort 

to job search would, therefore, be expected. 

 

When running a regression with the independent variables being PrimarySchool, 

HigherSecond, and University, on the dependent variable Activei we receive a 

significant negative coefficient for HigherSecond (see Appendix, Table 11). Results 

implying individuals with a diploma from higher secondary school as their highest 

achieved are significantly less likely to be searching actively. Of course, the coefficients 

are not significant for PrimarySchool and University, and we cannot draw any statistical 

conclusions but at least we have coefficients showing the correct signs of what theory 

above predicts and not the opposite with PrimarySchool being negative and University 

positive towards being actively searching.  

 

To further verify the dummy Activei we estimated a regression with the dependent 

variable being the dummy Activei and the independent variable being the dummy 
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EmployedSearchi (see Appendix, Table 12). By doing this we saw that individuals being 

employed when searching had a significantly lower likelihood of being searching 

actively then unemployed searchers. This makes intuitive sense, already employed 

individuals should at least in general not have more incentives to search actively then 

unemployed searchers. This is empirically proven by Holzer (1987) where young 

unemployed individuals searched with higher effort and lower reservation wages than 

did comparably employed job seekers.  

 

This leads us to be fairly confident that our dummy variable Activei is based on some 

good criteria’s when it comes to the way of search and that the individuals being placed 

in the actively searching group actually could be seen as actively searching for jobs.  

  

Leaving the control variables and moving to the core analysis and results we go back to 

start in stage one where we estimate the relationship between individual risk propensity 

and being actively searching for jobs.  

 

Without separation of employed and unemployed (1), individual risk propensity did 

receive a positive and significant estimate towards the group of actively searching 

individuals, suggesting individuals that are being more willing to take risks have a 

bigger likelihood of being actively searching for jobs. This is actually a result and 

relation between job search and risk propensity that we did expect if we recall to 

Michael Siegrist (2005) and Ajzen (1985) findings that we used to establish the 

theoretical fundamentals. Individuals being less risk averse are also expected to be more 

confident which is a factor of great importance to job search according to Ajzen (1985). 

He suggests individuals being more confident will have formed bigger job search 

intuitions because they feel more confident they will succeed in their task as one of the 

reasons.  

 

This would be a reasonable argument for us to be getting the results we have got. Also, 

as we said we would, we used the possibility to separate the employed and unemployed 

job searchers here in stage two to see if there were any differences in the results 

between the two groups when being separate.  
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The results suggested that when being looked at separately, only employed job (2) 

searchers showed a similar significant positive relation between risk propensity and 

being actively searching for jobs as we did receive when looking at them jointly. For 

unemployed job searchers (3) there was no significant relationship between risk 

propensity and actively searching for jobs.  

 

To sum up stage two, when jointly looking at employed and unemployed job seekers as 

well as looking at employed job seekers separately, we can actually show empirical 

results in line with what our theory would suggest. But how accurate and plausible are 

they and why did we not see the same relationship when looking at unemployed job 

searchers separately? 

 

I have identified two possible reasons for our findings. 

 

One possible reason for us not seeing a relationship between unemployed job searchers 

level of risk propensity and job search activity could be found if we recall (Cox & 

Oaxaca 1989) suggesting the negative relation between reservation wage and risk 

aversion.  

 

This negative relation between risk aversion and reservation wage being true would 

suggest another possible effect of unemployed individuals risk propensity. An effect not 

showing in their job search activity, hence for us unable to detect in the analysis. It 

would be that risk averse unemployed individuals instead change their reservation 

wage, leaving the activity of search close to unchanged or even less than before. This is 

something argued by DellaVigna & Paserman (2005) and could be a possible 

explanation for our results. 

 

Also, Dohmen et al. (2010) documents a systematic relation between cognitive ability, 

risk aversion and impatience, making a scenario of a risk averse, unemployed 

individual, being impatient to receive an income, hence lowering their reservation wage 

and experiencing shorter unemployment spells, this without changing the search 

activity, reasonable and in line with  DellaVigna & Paserman (2005) findings. 
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In other words, unemployed job searchers risk propensity could be affecting other 

variables then the actual search activity. 

 

Employed job seekers showing a strong positive relation between risk propensity and 

being actively searching could be due the fact that if you already have a job, receiving a 

stable income, it could be seen as risky to be searching for something new. Unlike the 

unemployed job searcher, the employed searcher has something to lose from it. With the 

risk of the new job situation not turning out the way as planned or hoped, it could be 

intuitively that it is those employed searchers most willing to take risks that more 

actively seeks other or additional work. 

 

The second possible reason for our results in stage one, given the findings in our second 

and third stage, is bias. We made clear that potential biases in stage one may be 

experienced due to change in individual risk attitude over time and too many individuals 

being classified as actively searching. 

 

Stage two of the analysis aims to take care of the possible bias coming from a change in 

attitude towards risk over time. The results suggested no significant relationship 

between individuals’ risk propensity and being actively searching.  

 

Stage three aimed to counter the potential bias from too many individuals being 

classified as actively searching for jobs. The results suggested no significant 

relationship between individuals’ risk propensity and being actively searching in the 

majority of times.  

 

This realization hints that it is probably risky to interpret the significant estimates 

suggesting a positive relation between individuals’ risk propensity and being actively 

searching found in stage one, as fully true. The impact of potential bias resulting from 

that too many individuals being classified as active as well as changes in risk attitude 

over time could possibly be heavy. 

 

Again, we have neglected any search costs as well as the time spent searching in this 

paper. Search costs should have an obvious effect on job search as well as time spent 
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searching could be making us interpret some individuals differently in the aspect of 

being actively searching. 

 

Levels of unemployment benefits are another factor with suggested influence on the 

results, making it of interest to perhaps conduct similar research using other countries as 

well, where benefits levels differs.   

 

Finally, the reader should be aware that a source of potential bias is associated with the 

dummy determining of an individual is an employed or unemployed job searcher, 

EmployedSearchi. The problem arises in the same way as the classification of actively 

searching individuals we controlled for in stage two. We can only determine if the 

individual has been employed in at least one search period or if in none at all. There 

could be a bias if an individual experienced a mix of employed and unemployed 

searchers. An individual may have been searching for jobs multiple times. If the 

individual for example were employed in one out of five searches, he or she would be 

classified as an employed job seeker, this even though he or she, the majority of 

searches actually were unemployed. This need to be considered in the interpretation.  

 

From this paper, anyone suggesting that there is a clear relationship between 

individuals’ risk propensity and being actively searching for jobs, would have a hard 

time proving it using our sample.   

 

8 Conclusion 
 

Our different stages of the analysis showed different results on the possible relationship 

between individuals’ risk propensity and job searching activity. While stage one showed 

a positive significant relation, stage two and three, established to counter potential bias 

in stage one, showed no significant relationship between risk propensity and job search 

activity. 

 

We recognize the potential sources of bias in the results but also presents some other 

possible explanations to the findings, such as unemployed job seekers’ risk propensity 

have a greater impact on their level of reservation wage instead of the actual search 

activity and that employed searchers have something to lose in the sense of their current 
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job, in contrast to the unemployed, intuitively making the less risk averse individuals 

being those who are most likely to be searching actively.  

 

Given the different results and the potential bias, some further research on the subject 

with a potentially bigger sample should be developed. A sample big enough to make it a 

possibility to be running employed and unemployed job searchers separately for each 

year with a possibly updated measure on the risk propensity measure for each year to 

minimize the risk of changes in risk propensity over time as well.  
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Appendix 
 

 

Table 9. Regressions on RiskAttitudei using Youngi, MiddleAgei, and Oldi as 

independent variables. 

 

 (1) (2) (3) 

VARIABLES RiskAttitude RiskAttitude RiskAttitude 

    

Young 0.667***   

 (0.175)   

MiddleAge  -0.357**  

  (0.168)  

Old   -0.0901 

   (0.180) 

Constant 5.067*** 5.383*** 5.249*** 

 (0.0979) (0.106) (0.0999) 

    

Observations 680 680 680 

R-squared 0.017 0.007 0.000 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

 

Source: Data collected from LISS (2010) 

 

 

Table 10. Regression on RiskAttitudei using Malei as independent variable.  

 

 (1) 

VARIABLES RiskAttitude 

  

Male 0.350** 

 (0.170) 

Constant 5.076*** 

 (0.105) 

  

Observations 680 

R-squared 0.006 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

 

Source: Data collected from LISS (2010) 
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Table 11. Regression on Activei using PrimarySchooli, HigherSecondi and Universityi as 

independent variables. 

 

 

 (1) 

VARIABLES Active 

  

PrimarySchool -0.0203 

 (0.0594) 

HigherSecond -0.0737** 

 (0.0333) 

University 0.0114 

 (0.0503) 

Constant 0.183*** 

 (0.0186) 

  

Observations 680 

R-squared 0.006 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

 

Source: Data collected from LISS (2008-2018) 

 

 

 

Table 12. Regression on Activei using EmployedSearchi as independent variable. 

 

 (1) 

VARIABLES Active 

  

EmployedSearch -0.0766*** 

 (0.0293) 

Constant 0.211*** 

 (0.0233) 

  

Observations 680 

R-squared 0.010 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

 

Source: Data collected from LISS (2008-2018) 

 


